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procedure apriori_ gen( L _ 4 HNE (k-1) -
£ min_sup: B/DXFFE)

1. for each itemset [, & L, _,

2. for each itemset [,& L, |

3.9 (1 [1] = L,[1]) A (1,[2] = 1,[2]) A
cr: AL LE=-2] =L[E-2]) AL TE-1]< L[k
~1]) then |

4. c=0[110502] ::: Tk - 1]

Lk - 11773 8%E 7 ARk

5. if has infrequent _ subset(c; L,_y)

then

6. delete ¢

// BRI %Jff?fﬂf?ﬁ?fﬁﬁ

7. else add ¢ to Cy;

8. |

9. return C;;

procedure has _ infrequent _ subset(

c: 1L k-TNEE; L, W k-1-T04);

1. for each (k — 1) — subset s of ¢

/ /R Apriori PEFRFIRGEHIEME &£

2.if s € L;_; then

3. return TRUE;

4. return FALSE;
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1. locg = O;

/7% A PSS 1 TR EN B WE I

2. for each item q; in itemset A

3. loc; = Find(B, a;,loc; _,);

//M EIRERIR BB Z G FF IR AR

4. if(lOCi ﬂ]OCE‘ - 1)

5. return “Not In”

6. return “In”

procedure Find( B: B8, a: 15 F I, loc: IF
IRHIE)
1. for each item b; in B behind loc

2. if(b, = = a) return i

3. return loc;
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1. if(Left(A,1) = = Right(B,1))
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2. Not Join

3. else

4. if(Right( A, size(4) -1)! = Left( B, size
(B)-1))
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5. Not Join

6. else
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