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Abstract: Because Quantum-behaved Particle Swarm Optimization(QPSO ) algorithm possibly run into prematurity, the mutation
mechanism is introduced into QPSO algorithm to escape from local optima and strengthen its global search ability,and the
improved QPSO algorithm is applied to solve Job—Shop Scheduling Problem.The simulation results show that this algorithm has
better global convergence ability and more rapid convergence,and it is superior to Genetic Algorithm, Particle Swarm Optimization
algorithm and QPSO algorithm.
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