%E3E Fi5H it B N I & 2009 ££ 8 A
\ol.35 No.15 Computer Engineering August 2009
* REBRAREHIEE - XEHS: 1000—3428(2009)15—0038—03  STARHFIRAD: A HES %S TP18L
> N b ) )2 3 >
BT RH % 5T H2 SVM & Web A5~ K H ik

EAH, & B
(Bl R 2 AP S (5 B TR SERE, Jbxs( 100083)
W B R Web SCRESM IS, $RE A TIRIES: I M SVM B Web SO HAL . BEEM B2 S 5k LPP X Zidirh i
TR 4 Web SCRYZS IHEAT ARG MR 2, A F 4 Hh I PR o5 W 000 o A5 T SRR SR S5 A, Ao A i PR PG PO 22 14 ) S e B AL 1
Pl SYM HEAT 43 T o S2H L5 TR % 5135 DAV H9I2 47 IR TV SR A% 58 126 B9 43 A %€
R CRiG A MBS XEFR R

Web Document Classification Algorithm
Based on Manifold Learning and SVM

WANG Zi-giang, QIAN Xu
(College of Mechanical Electronic and Information Engineering, China University of Mining and Technology(Beijing), Beijing 100083)

[ Abstract] To efficiently resolve Web document classification problem, a novel Web document classification algorithm based on manifold learning
and Support Vector Machine(SVM) is proposed. The high dimensional Web document space in the training sets are non-linearly reduced to lower
dimensional space with manifold learning algorithm LPP, and the hidden interesting lower dimensional structure can be discovered from the high
dimensional observisional data. The classification and predication in the lower dimensional feature space are implemented with the multiplicative

update-based optimal SVM. Experimental results show that the algorithm achieves higher classification accuracy with less running time.
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