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Improvement of Bias Computing on Keerthi’s SMO Algorithm

CHEN Kai-ya, WANG Min-xi

(Institute of Electromagnetic Fields and Microwave Technology, Southwest Jiaotong University, Chendu 610031)

Abstract A source of error in Keerthi’s Sequential Minimal Optimization(SMO) regression algorithm is pointed out. The bias value is acquired
by ‘median-finding’ technique in this algorithm, when the optimality condition does not hold, the bias value may be inaccurate, and make the
Support Vector Machine(SVM) model performance worse. By analyzing the primal problem of SVM regression, a new kind of computing method is
derived to get bias, and proved to be an optimization problem of one dimension convex function. The modified algorithm is confirmed to be correct
and effective when it is used to estimate Gaussian function and model predistorter of nonlinear memory power amplifier, the SVM model trained by
the new algorithm performs more accurately by 10% than Keerthi’s one does.
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