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Study of Non-negative Matrix Factorization Initialization and
Its Application to Text Classification

ZHAI Ya-li, WU Yi
(College of Sciences, National University of Defence Technology, Changsha 410073)

Abstract The initialization of Non-negative Matrix Factorization(NMF) has studied in this paper. There are three methods of initialization PCA,
supervised PCA(SPCA) and Fuzzy C-Mean(FCM) are reported for text classification. Experimentsal results of multi-class text classification indicate

that the three methods effectively solve the problem of results effected by initialized values, and improve the text classification results. The SPCA of
the three methods is best.
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