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Mixed Method of Reducing Feature in Text Classification
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Abstract A mixed method of reducing the text features based on feature selection and feature extraction is brought forward. The characteristics
about feature selection and feature extraction are analyzed. Some features are chosen by using the sort distribution information. And a new way
based on Principle Component Analysis(PCA) is used to extract the surplus features and realize the compression of features twice. In the
precondition of the information loss least, the text feature decrease smart is completed. Test results show that this method has a better precision in the

text categorization.
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