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Bayes Tracking for Moving Point Target
Based on Position and Velocity

YU Wei-jun, Askar, LUO Wan-fu
College of Information Science and Engineering, Xinjiang University, Urumgi 830046)
Abstract This paper studies the Bayes weak point moving target tracking technology by using probabilistic data associated with the Kalman filter
method, which is based on position, velocity information. The key is in the region of tracking, detector works in Basyes mode, detection threshold

changes with goal’s priori probability change. A new threshold calculation is proposed. Based on CFAR(CFAR probability) guidelines tracking
technologies, the process of detection to track the number of false alarm target is decreased. Simulation results show that it is a real-time and

accurate algorithm.
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