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Abgract :

The interes of web users can be reveded by ther visted web pages and time durations on these web

pages during their suging. Inorder that Smilarity/difference between any two patterns can be eadly gained , each web
access pattern from web logs is trandormed as fuzzy vector with same lengh, in which each demert is a fuzy
linguidic variable or O representing the vidted web page and time duration on this web page. The cduders may ot
exid crig boundaries, thus a rough k-means clugering dgorithm i s proposed to group the fuzzy vectors deroting users

sufing behaviors. Fndly , DaviesBouldin index is provided to measure the dudering exactness.
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