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Support Vector Machine and Its Application in Cugomer Churn Prediction
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Abdract: Cugomer churn analyds and prediction play an inportant role in cusomer relationship management and
improve bendfit of enterprise. A Support Vector Machine node is egablished to predict cugomer churn. Customer
churn characteridic is preserted in this paper. Acoording to the churn data which is large scde and imbdance, this
pgoer preents a two-class nodd based on inproved S/M to predict cusomer churn. The class weighted S/YM model
CWS/M is presented , and the accuracy is improved by adjuding the dlassweight and the podtion of boundary. The
dficiency is inproved by trandaing the S/M to the Qore Vector Machine and a new dgorithms CWES/M is
presented. The arithmetic perfformance is better than others based on the ted of red credit debt data st in the
commercia bank.
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