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Abstract: Feature extraction and the parameter optimization of classifiers are two key methods for the improvement of the
classification accuracy.The paper uses normalization method for the feature transformation based on the public database UCIL
KNN,PNN and SVM are employed for classification.The effects of normalization on the accuracy of classification and parameter
optimization are discussed.The results of experiment show normalization improved effectively the accuracies of classifiers, especially
for SVM,reduce the searching range of the parameters of classifiers and the training periods.
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PNN SVM

Database Num = Dim—Class oy og(a)  Qi(%)  00(%) Q%) (%)
auto-mpg 398 8 3 81.6 83.2 82.7 85.6 84.2 90.4
breast-w 699 10 2 96.6 96.6 97.4 97.4 97.1 97.3
clearl 476 167 2 85.1 83.0 87.0 88.0 85.1 96.2
diabetes 768 9 2 704 729 73.6 772 74.8 785
flag 194 28 6 81.1 82.8 78.4 82.9 86.7 88.4
glass 214 10 6 89.1 89.5 91.9 90.4 92.1 923
hayes—roth 1325 3 742 714 84.8 843 90.4 90.6
heart—cleveland 303 14 5 813 83.6 785 82.5 85.3 87.9
heart-statlog 270 14 2 66.7 78.9 68.9 83.7 73.7 84.8
iris 150 5 3 97.3 96.9 982 98.0 98.0 98.4
segment 2310 20 7 98.7 98.8 99.0 99.2 99.0 99.4
sonar 208 61 2 82.7 83.1 88.9 90.9 92.3 92.8
vehicle 846 19 4 83.1 85.4 82.8 85.3 89.5 92.9
wine 178 14 3 80.1 97.4 85.0 98.5 91.9 99.2
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