¥3E EITH it B O#l I # 2009 £ 9 A
Vol.35 No.17 Computer Engineering September 2009

- B E&ALE - XEHS: 1000—3428(2009)17—0215—02  SCRRAFIRED: A

SAR BE1& 73 B Ax 4R 7 ik

EXMH, KW, BKT
(L Tk E 2, T2 710072)

B B R ARAEEEGCAR) EUR P B AT, SRR RSN SERH 1 Wi SAR EIR G BAMRIN, FIMRGHTS
Bomkko LS b, XEGIEAT B AR, R — DR R B ARG S S BR, SUE — DIER R AR, JEX SAR ElfR
AW BAR M S BN RSATEIE . PRSI, 207 R H Ao kAe -

REEH: SAR EURFFI; RA RN BRRRME; Bl

fEHHES: TP39L.72

Target Detection Method in SAR Images Series

WANG Yi-min, AN Jin-wen, QIN Yong-yuan
(College of Automation, Northwestern Polytechnical University, Xi’an 710072)

[Abstract] A target detection method in SAR images series is proposed. The first frame SAR image is segment by using Maximum A
Posteriori(MAP) rules, in which the paramount is got. On this basis, the image is detected. The latter frame image is detected with the information
and paramount vector got in former one. The paramount vector of the pigeons data is modified. Simulation experiemtal results show this method has

better performance of target segmentation.
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