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WU Bing!, CHENG Si-wei', ZHANG Wen-giong?, LIANG Jia-hong*
(1. College of Electromechanical Engineering and Automation, National University of Defense Technology, Changsha 410073;
2. Network Management Centre of Second Artillery Arming, Beijing 100085)

[ Abstract] Aiming at the shortcoming of support vector regression metamodel, Relevance Vector Regression(RVR) is investigated as an alternative
metamodeling approach. Using several benchmark test functions with varying model dimensions and degrees of nonlinearity, RVR is compared with
four metamodeling approaches, including polynomial regression, Kriging, radial basis function and support vector regression. Several performance
criterions are considered, including metamodel accuracy, effect of sampling techniques, effect of sample size, effect of model dimensions and

degrees of nonlinearity. Results prove that RVR approach can achieve higher accuracy and more robustness.
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