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Image Segmentation Based on
High Dimensional Mapping Fisher Discriminant Analysis

XIE Ming-xia*?, GUO Jian-zhong®, CHEN Ke*
(1. Institute of Surveying and Mapping, PLA Information Engineering University, Zhengzhou 450052; 2. 75719 Troop, Wuhan 430074)

Abstract In order to promote the quality of Fisher discriminant analysis, this paper uses the two-step clustering to choose training samples and
meanwhile expands the dimension of training samples through nonlinear transform in order to decrease the loss of useful information hidden in the
samples during the process of Fisher discriminant analysis. The rule of discriminating is gained according to the expanded training samples to
classify the unlabelled pattern in images. Experimental results show the image segmentation approach based on decision rules of the paper has a
higher precision comparing to Fisher discriminant analysis based on initial training samples in low dimension and seeking much more sample
features. It has better image segmentation precise.
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Step2 X = 3 1
(% %,)" k=2 1
Step3
1(%) 1(%)
Step4 Fisher 10000 10000 8593 9267 85.93 92.67
Step5 Fisher 10000 10000 8759 9423 87.59 94.23
Step6 Fisher 10000 10000 9441 9678 94.41 96.78
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