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The Decision-Making Entropy Methods and Their Application in
Engineering Management

Yang Qing, Qiu Wanhua
(School of Economics and Management, Beijing University of Aeronautics and Astronautics, Beijing 100191, China)

Abstract: This papers solves a series of key problems in engineering project management practice, by combining Information
Theory and Decision Theory organically and expanding the scope of Shannon Entropy from positive number interval to real
number internal ,proposes multifactor decision-making and Resource Leveling entropy-based methods ,and therefore, it supplements
the limitation of traditional Bayes which could only deal with single-factor decision.
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