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[ Abstract]To speed up training of large margin Gaussian mixture model based on LBFGS optimization routing, a rapid model parameter method is
proposed. The method formulates extended Baum-Welch algorithm like updating equations by constructing weak-sense auxiliary function. The
proposed algorithm is experimented on Mandarin tone recognition tasks. It is shown training can be accomplished within only several iterations,
much faster than that of LBFGS optimization routine.
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