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Color Image Denoising Based on the Second Generation
Curvelet Transform

YANG Ju-yi
(Department of Computer Science, Mianyang Institute of Vocational Technology, Mianyang 621000)

[Abstract] This paper presents an algorithm of color image denoising based on the second generation Curvelet transform. The wavelet transform
has inherent defect in describing directional characteristics of color picture edge. The new algorithm overcomes these defects and is more suitable for
analyzing the edge characteristic of curves or straight lines in two-dimensional image. It has better approaching accuracy and spares ability of
expression. Results of simulation experiment to 512x512 Lena and Babon color image show the new algorithm is superior to wavelet and Ridgelet

algorithm either in visual effect or in performance criteria.
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