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Soil moisture content series prediction based on LS-SVM
within free search
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Abstract Based on the structure risk minimum criterion of support vector machine (SVM) and the global
optimization characteristic of free search algorithm (F'S), the least square-SVM (LS-SVM) is applied to
establish the model for predicting the soil moisture content, and FS is used to optimize the parameters
of the model. The application shows that the model is better than the models based on particle swarm
optimization (PSO), fish swarm algorithm (FSA) and time series analysis (TSA) method, it possesses the
advantage of high accuracy of forecasting and high ability of generalization. The calculation result shows
that the soil moisture content predicted by this model is acceptable. The maximum relative error which
is small than 15% between simulation and observation value are 100%, for the predicted and observation
value are 94.4%.
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3 ETF Free Search §9 LS-SVM &%k %

3.1 SVM S#{LaVREE X

IEME S8, REURSUR R B, B AZ R EOT SVM AL EE IR BEEN/ER, XESH AL RET 2
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A RTINS PR B BE, RATAEXHRE MAE DU RIRZE RMSE /EA R Bz R
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