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Design of Classifier Based on Weighted Quantum Particle Swarm
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[Abstract] Aiming at the shortage of Support Vector Machine(SVM) slow practice speed in the case of large sample, this paper introduces
weighted optimal position strategy to improve Quantum Particle Swarm Optimization(QPSO) algorithm, processes coding for voice parameters by
improving Michigan coding scheme, and constructs new classified rule fitness function to realize designing of classifier based on weighted quantum

particle swarm. Application results of speaker recognition show that this classifier has better performance of noise proof and recognition speed.
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