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Abstract; Aiming at the fast parallel computing of generating isochrones of watersheds that based on digital elevation model
(DEM) , this paper proposed a fast parallel algorithm of confluence analysis based on compute unified device architecture
(CUDA) platform that could use parallel computing of graphic processing unit( GPU). Carried data sorting out by using the
improved merge sorting algorithm, adopted the new memory allocation strategy , carried confluence analysis out by using the im-
proved parallel computing algorithm. Using the presented parallel algorithm and the serial algorithm based on CPU to analyze
and verify the time consumed when generating isochrones of watersheds based on DEM and executing matrix multiplication.
The experiments results illustrate that this parallel algorithm of confluence analysis based on CUDA can improve the computa-
tional efficiency of the system and have a better effect.
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