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Research on a new function for smooth support vector regression

SHEN Jin-dong
(College of Sciences, China Jiliang University, Hangzhou 310018, China)

Abstract; A new method in which the three-order spline function was used to smooth the model of support

vector regression (SVR) was presented. A third-order spline smooth support vector regression ( TSSSVR)

was obtained. Moreover, by analyzing the function approximation and convergence capability, it is shown

TSSSVR has higher precision than other previous smoothing functions.
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Figure 1 Smoothing function for | = |2
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Table 1  Comparison of approximation precision and
convergence rate among four smoothing functions
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