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Abstract
performance because classic PSO easy to premature convergence. Focus on this shortcoming, this paper proposed a new seg-
mentation algorithm based on inertia adaptive PSO and fuzzy entropy. Used the new algorithm inertia adaptive PSO and some

Image segmentation algorithm based on particle swarm optimization (PSO) and fuzzy entropy can not have good

particles Gaussian mutation to explore fuzzy parameters of maximum fuzzy entropy, and got the optimum fuzzy parameter combi-
nation, then obtained the segmentation threshold. According to experiment results of the new algorithm compare with other two
algorithms , the new algorithm has the capability of good segmentation performance, low time cost, robust and self adaptive.
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