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The generalization performance of empirical risk

minimizing with m dependent processes

YAN Can-wei, CAO Fei-long

(College of Sciences, China Jiliang University, Hangzhou 310018, China)

Abstract; The m dependent processes is one of the typical samples of dependent sequences, based on which the
generalization performance of empirical risk minimizing (ERM) principle is important. In order to study the
generalization performance of ERM principle, it extended some of the previous results in the independent
identical distributions (i. 1. d.) case to the dependent case. We then establish the exponential bound of ERM

principle based on m dependent processes by the Bernstein inequality for m dependent processes.
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