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ABSTRACT

Immigrant Enclaves and Crime’

There is conflicting evidence on the consequences of immigrant neighbourhood segregation
for individual outcomes, with various studies finding positive, negative or insubstantial effects.
In this paper, we document the evolution of immigrant segregation in England over the last
40 years. We show that standard measures of segregation point to gentle declines over time
for all immigrant groups. However, this hides a significant increase in the number of
immigrant enclaves where immigrants account for a substantial fraction of the local
population. We then explore the link between immigrant segregation, enclaves and crime
using both recorded crime and self-reported crime victimization data. Controlling for a rich set
of observables, we find that crime is substantially lower in those neighbourhoods with
sizeable immigrant population shares. The effect is non-linear and only becomes significant
in enclaves. It is present for both natives and immigrants living in such neighbourhoods.
Considering different crime types, the evidence suggests that such neighbourhoods benefit
from a reduction in more minor, non-violent crimes. We discuss possible mechanisms for the
results we observe.
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INTRODUCTION

A perennial concern expressed both by academit$warmpolicymakers has been the
tendency for newly arriving immigrants to locate meighbourhoods that already have
substantial immigrant populations. There appearbet@a general view that this can be an
unfortunate outcome both for the immigrant commuaitd for society more generally. The
former are presumed to suffer because such segrnedands to discourage the assimilation
of immigrants into the socio-economic fabric of thest country. Society is presumed to
suffer because such communities become cut-off ftbm rest, which risks increased

alienation.

In the United States, the evidence shows that imanigsegregation actually declined
in the first part of the twentieth century, but Heeen rising significantly over the past few
decades (Cutler, Glaeser and Vigdor, 2008a). Teedontribution of this paper is to provide
evidence on the pattern of immigrant segregatidarigland over the past few decades. Such
an analysis has not to our knowledge been condefate. In contrast to the US, we find a
modest decline in segregation since 1971, botlygregate and within particular immigrant
groups. However, we also show that the rise imtimaber of immigrants that have arrived in
the last few decades has generated an increade inumber of neighbourhoods that have
high immigrant shares — the so-called enclaveselsing fractions of immigrants live in

these enclaves.

What of the alleged impact of such immigrant segtieg on individual outcomes
such as earnings and employment? This questiomelcasved extensive attention in recent
years. Cutler, Glaeser and Vigdor (2008b) discug$eace on this and highlight endogenous
selection into neighbourhoods. Using instrumengaiable estimation methods to circumvent
this, they conclude that there is negative selactido immigrant neighbourhoods which

obscures an overall positive impact of ethnic cabtregion on immigrant outcomes.
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More recently, attempts have been made to iderttiy impact of immigrant
segregation on economic outcomes using quasi-erpatal evidence. Both Edin,
Fredriksson and Aslund (2003) and Damm (2009) epldispersal policy used to allocate
refugees in Scandinavian countries to try to atbal problem of self-selection of migrants
into certain areas. They find strong evidence te&igees with unfavourable unobserved
characteristics self-select into areas with higlmemigrant shares. Instrumental variable
estimates suggest that, after controlling for sselfrselection, there is a substantial positive

impact on immigrant wages from living in such areas

The outcomes that have been considered thus theiaconomics literature tend to be
focused on the labour market (e.g. wages and emmant) or on outcomes that directly
affect performance in the labour market (e.g. lagguability or educational attainment). To
further the evidence base, this paper exploresctmsequences of immigrant residential
segregation on an alternative outcome of key isteremely crimé.There have, of course,
been papers that explore the consequences of meididnds on crime. Glaeser and
Sacerdote (1999) examine why crime is higher in diges, and Glaeser, Sacerdote and
Scheinkman (1996) model the social interactions dlcaur between individuals that lead to
cross-neighbourhood variances in crime rates. Mibosely related to this paper, Kling,
Ludwig and Katz (2005) examine the impact of nemithood poverty levels on youth crime
rates using a randomized experiment. Results shHwt young women benefit from
relocating to lower-poverty areas, while the effiscinore mixed for males. Earlier work by
Case and Katz (1991) found that, in a sample of-ilm@me Boston neighbourhoods,
residence in a neighbourhood in which a large pitogo of other youths were involved in

crime was associated with a substantial increasaninndividual's probability of being

! The focus here is on empirical connections betweeme and immigrant segregation/the presence of
immigrant enclaves. See Bell, Fasani and Machid@®or an analysis of the relationship betweemerand
immigration more generally.



involved in crime. However, none of these papers fwaused on the link between immigrant

segregation and crime.

Little empirical attention has been paid to thesence of potential non-linearities in
the segregation-outcome research area. Most sttetidso use either the group share of the
local population or a dissimilarity index to meassgegregation. Even the quasi-experimental
evidence that is claimed to be focused on enclawvist uses the log of the size of the ethnic
group as the key explanatory variable and therefomoses log-linearity on the estimated
effect. This seems somewhat surprising since thiergood reasons to think that such effects
may be non-linear. Consider for example the idea gbgregation is bad because it decreases
the rate of host country skill acquisition (e.g.lahguage skills). Such effects may only
become apparent in neighbourhoods with a suffiatententration of immigrants. Low-level
concentrations of immigrants may not reach a alitinass that allows migrants to isolate

themselves in this way.

This paper is structured as follows. In the nextisa, we use four decades of UK
census data to illustrate the scale of changemmigrant residential segregation. We find
evidence of a small decline in average segregdétiormmigrants, but a concomitant rise in
the share of immigrants who live in high-densitymigrant neighbourhoods. Section Il
presents our key empirical findings. Using recoraeine data and self-reported crime
victimization data, we report a strong negativek libetween living in areas with high
immigrant populations and crime. For more de-segfexfjareas, we find no such link. Such
effects are observed for both natives and immigtalm Section IV, we discuss possible
interpretations of this result and provide somegsstve survey evidence that speaks to the

relevance of these interpretations. Our conclusaagiven in Section V.



1. IMMIGRANT NEIGHBOURHOODSOVER TIME

In this section, we provide evidence on the ewotubf immigrant neighbourhood
segregation over time in England, drawing on dat&nglish areas in the UK censudle
address two key questions. First, on average, égsegation risen or fallen? Second, are
there pockets of substantial immigrant concentmaéiod have such neighbourhoods become
more or less common? To answer these questionsjake use of the 1971-2001 decennial
censuses that provide 100% counts of all residentsountry of birth. In contrast to the US
census, the UK census has not maintained a comisiste-level geographical definition over

time. This makes comparisons across the censusesdificcult.

Our base geography uses the 1981 census wards.sVdegdconstructed for the
purposes of elections to local councils. These wéad an average population of 5,407 in
1981. However, they are very heterogeneous, wibpalation standard deviation of 4,226.
For the purposes of the census, wards are disaageqito individual enumeration districts
(ED) containing around 450 residents. Unfortunat&lps are not exactly the same across
censuses, so there is no way of constructing demsi€€Ds. However, it is possible to
combine EDs from the 1971 and 1991 censuses ietd381 ward aredsThe geography of
the census was radically altered in 2001, with E€Baced by much smaller Output Areas

(OAs). However, there is a link file from 2001 O&s1991 EDs that allows us to move to

% The analysis is on England so as to be consitiemaghout the paper, because the crime data we fatus
on is only available for England. The analysis rofriigrant segregation in this section can be carmigdfor
England and Wales (but not Scotland and Northegtaiid as the spatial classifications are diffetaete).
Doing so produced very similar results to the oweseport for England only (these results are atégl from
the authors on request).

® The linking of the 1971-1991 censuses for 1981d&as documented in Martin, Dorling and MitchelD(R).
Consistent data can be downloaded from the Linkigensuses through Time website
(http://cdu.mimas.ac.uk/Igt/




the 1981 ward$.This gives us a set of around 8,500 consistemhbeiurhoods in England

across censuses.

Our first goal is to use these data to provide @upeé of the extent and change in
immigrant segregation across England. There isxeansive US literature on the evolution of
both ethnic and immigrant segregation over timee (Geitler, Glaeser and Vigdor (1999,
2008a)) but no extant research for the UK. FollgMButler et al (2008a) we compute two
measures of residential segregation within a pdjmnaEach index compares the distribution
of members of a group with that of individuals wér@ not members of that group. In what
follows, groups are defined by aggregations of tquof-birth within local authorities.
Thus, a particular immigrant community is a grodignamigrants from the same country-of-

birth group within the same local authority.

The dissimilarity index is calculated by dividinghet local authority into

neighbourhoods (wards in our case), indexeshd using the formula:

=3)
l

where group; denotes the number of relevant immigrant group nembiving in ward

group; nongroup;

groupiotar  NONGTOUDtotal

I,group:,tq; denotes the number living in the entire local attl, andnongroup; and
nongroup:otq; are similarly defined for residents not belongitg the group. This

dissimilarity index takes values between 0 andifl) @ when each neighbourhood contains a

“There are 175,361 OAs in England and Wales in 208&.link file shows that 39,240 of these OAs ligirely
within a 1991 ED. The remaining 136,121 requirerthepulation to be allocated across two or morg118Ds.
This could cause substantial mis-measurement indata. However we are only interested in the 19&tdw
match i.e. since we combine 1991 EDs together ¢talywe our ward-level data we are only concernett wit
those occasions where a 2001 OA lies across 19%l1tidDd are themselves not part of the same 1984. vdr
the 175,361 OAs, 161,575 (92.1%) lie entirely withi®91 EDs that are in the same 1981 ward. Mone Hiadf
of the remaining 8% have more than three-quartetiair population within the same 1981 ward. Thisle
the matching is inevitably not perfect, we concltitkt the induced measurement error is likely tainall.

> We use the 2001 local authority definitions anglgpghese back to 1971. Various reorganisationtocél
government have occurred over the sample periodreTare 353 local authorities in England (we exelthte
City of London as this has a very small population)
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constant proportion of group members and 1 whenumgranembers never share
neighbourhoods with non-group members. Clearlyh sumeasure will not be independent of
the number of neighbourhoods within the local aredjch highlights the need for a

consistent set of neighbourhoods over time to alfderence on the trends in segregation.

The isolation index measures the degree of expdbateimmigrants have to other
members of the same group, correcting for thetfaatt groups forming a larger share of the

population have naturally higher exposure ratess ifluex is given by:

Z __group; X group;  groupiotal
[ = Lgroupeotar  population;  populationipeq;
- , roup roup
min (1' 9 . total ) __9 .total
populationgmaiiest populationotqal

Table 1 provides some summary statistics. The piogit to note is that the number of
immigrants in England has risen from just under iBion in 1971 to over 4.5 million by
2001. As a share of the population, the compar@flees are 6.2% and 8.9%. Both the
dissimilarity and isolation indices show gentle ldexs across each census. Thus, the
dissimilarity index has declined from 0.232 to (B1&cross the four censuses. This is in
marked contrast to the experience of the UnitedeStavhere the trend has been in the
opposite direction. Cutler et al (2008a) show ttnagr the same period, their dissimilarity
index rose from 0.463 to 0.560. One further poegeatves mention. In all the calculations in
Table 1, we weight the data by the number of imamtg in the area. Thus, the indices
measure segregation from the perspective of theageeimmigrant. This is the standard
approach in this literature. If however we weightgdthe total population in the area, we

would see a smaller decline in the dissimilarityax.

The decline in immigrant segregation has occurrewss all the country-of-birth
groups that we can consistently identify. Tableileg the relevant figures for five groups:

Irish, South Asian (Indian, Pakistani and Banglades European, African New



Commonwealth and Old Commonwealth (Canada, Auateid New Zealand). These five
groups accounted for two-thirds of all immigrants both 1971 and 2001. Levels of
segregation differ markedly across the groups. dikgimilarity index is over twice as large
for the South Asian group as for the Irish and Beems, with African immigrants also
exhibiting high levels of segregation. The isolatiodex paints a similar picture. In spite of
this, there have been declines in both the disaiityland isolation indices for each of these

groups.

One might reasonably be worried that the picturdeaflining segregation is a result
of the use of particular artificial neighbourhoodsposed on us by the need to maintain
consistency across censuses. Alternatively, pertiepshe level of aggregation that we have
used gives a distorted view of reality. To addtegse concerns we re-estimated dissimilarity
and isolation indices for alternative neighbourhdedinitions. While these are not consistent
across censuses, they allow us to examine the tamp of neighbourhood size and whether
the overall trend decline in segregation would io&gx up without using the consistent ward
data. Appendix Table 1 reports the results. For pamability, we always include the
estimates from the 1981 ward geography that wegerted in Table 1. For 1971, 1981 and
1991 we can estimate the indices using enumeraistnicts as the neighbourhood. This
increases the number of neighbourhoods by a fadtten and unsurprisingly the final two
columns of Table Al show that this leads to mughér levels of dissimilarity and isolation.
So for example, in 1981, the dissimilarity indeXig&14 using the ward-level data but rises to
0.286 using the ED-level data. However, the mottesd decline is still clear. For 2001, we
can identify a set of increasingly large neighbowds. Again, we see the clear link between
size of neighbourhood and the segregation indizessthe decline over time remains clear.
Thus, the decline in segregation that we observenatabe plausibly explained by

measurement issues.



We can focus more closely on the spatial distrdyutof immigrants using the
neighbourhood definition from the 2001 census. Tidentifies over 32,000 Lower Super
Output Areas (LSOAs) with an average populationaobund 1,500. That there is a
significant dispersion of immigrant shares acroSORs in the 2001 census is shown in
Figures 1 and 2. Figure 1 shows the distributiomwhigrant shares with a long spread in the
upper tail as one reaches high immigrant sharegir&i2 shows a map of England with
immigrant densities across LSOAs. The darker pafrthe Figure denote higher immigrant

shares, which tend to be clustered in and aroumdhnitre urban areas of the country.

Indices of segregation such as those consideredeatn@ useful descriptors of the
average, but they fail to adequately account ferdriation in segregation across areas. Most
importantly, it is possible to havaoth a decline in overall segregati@and a rise in the
proportion of neighbourhoods that have become asinglly segregated. All that is needed is
for the more even distribution of immigrants in theighbourhoods that are not heavily
segregated to outweigh the effects of the moreegeged neighbourhoods. We now show

that this is indeed what has happened in Englaed tbre last thirty years.

Table 2 disaggregates the wards by the share ofigrants in the population. In
Panel A we report the percentage of wards that pavecular shares of immigrants for each
of the census years. Thus for example, the firktnan for 1971 shows that 4.8% of wards
(i.e. 404 wards) had less than a 1% immigrant sbhtiee local population (but at least some
immigrants), whilst 1.3% of wards (i.e. 108 wartdajl between 30-50% immigrant share. In
Panel B of the Table we report the distributioriha total immigrant population across these
different wards. So again, the first column for 1$hows that only 0.5% of all immigrants
(i.e. 13,106 immigrants) lived in wards that hataeen a 0-1% immigrant share, while 13.9%

(i.e. 402,845 immigrants) lived in wards that hatiMeen a 30-50% immigrant share.



Two facts stand out from an examination of Tabl&igst, there is a clear decline in
the number of wards that have a very small immigsiare. In 1971, there were 407 wards
that had less than a 1% immigrant share. By 2004 hiad fallen to 69 wards. In other words,
it is almost impossible to live in England todayarot have at least some immigrants living
in the same neighbourhood. Second, at the otheottite scale, the number of wards that
have very high immigrant densities has increased.971 only 114 wards had more than a
30% immigrant share in the population. By 2001, 3@ this attribute. Therefore, the
decline in overall segregation has been driven byidening out of the neighbourhoods in
which immigrants live and the erosion of low-imnagt neighbourhoods. However, at the
same time, an increasingly segregated set of neighbods has also developed.
Furthermore, these immigrant enclaves are relef@nd growing share of immigrants. By
2001, 31.1% of all immigrants - i.e. 1.41milliondd in neighbourhoods where at least 30%
of their neighbours were also immigrants. The campla figures for 1971 were 14.6% and

0.42 million.

The definition of an immigrant enclave we adoptehisra neighbourhood with at least
30% immigrant population (see the darkest shadeaisanf Figure 2). It should be noted that
there is no commonly accepted definition of an @nel In their paper on Swedish immigrant
enclaves, Edin et al (2003) define enclaves focifipenationalities when their share in the
neighbourhood population is at least twice as laigltheir share in the overall population. In
our context since immigrants account for almost &the population, we might define an
enclave as being a neighbourhood with at 18% imamigshare on this definition. As we will

show in the next section, nothing crucial hangshenexact cut-off point we use.

Unsurprisingly, these immigrant enclaves rarelyereback to the average. From one
census to the next, less than one-in-ten of thoaedsvwith initially more than 30%

immigrants are not still in the same category atrtext census. Even more remarkably, of the
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114 wards that had more than a 30% immigrant simai®71, 96 of them remained so by
2001.Can we account for the growth in enclaves?irAple simulation suggests that
immigrant inflows combined with location persistencan explain much of the trend.
Suppose we calculate the distribution of immigramss wards in 1971 and assume that the
national increase in the stock of immigrants sitien were distributed in exactly the same
way. In other words, new immigrants located in S@me locations, and in the same
proportions, as previously. Then by 2001, we wdwdsle expected that 3.9% of wards were
enclaves and that 32.4% of all immigrants woule v these enclaves. Recall that the actual
figures for 2001 were 4.3% and 31.1% respectivélyus we almost exactly match the
growth in enclaves over the period. Of course wendb perfectly predict which wards
became enclaves between 1971 and 2001. Neverthekes® predict 50% of them correctly.
Thus while enclave formation is more complicatednttsimply being a function of large
initial immigrant shares and increased immigratibie, changes we have observed since 1971

are largely the result of rising immigration andgigtence in location choice.

[11. MAINRESULTS

Our key conclusion from the analysis of neighboodhdata is that, while segregation
in England as a whole has modestly declined owefat few decades, there has been a sharp
increase in the number of enclaves and in the sbatbde population who live in such
neighbourhoods. In this section, we test whetheh sweighbourhoods matter in terms of a

key socio-economic outcome — crime.

To study connections between crime and immigractages, we require data at a
low-level of geography. In general, such data hasebeen historically available in England.

Recorded crime is reported by Police Forces (ofctvhihere are 39) and the lowest
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geographical level that such data have been pddishthe local authority level. However, in
2004, 2007 and 2010, indices of multiple deprivatiwere created for every lower super
output area (LSOA) in England. There are 32,482 AS@1 England, with an average
population of 1,513. One component of this index wacrime score. The crime score was
constructed from geo-coded recorded crime data ®mdifferent crime types over the
previous 12 months provided by all Police Forcdse B3 crime types were then aggregated
into four crime groups — violence, criminal damaberglary and theft. This data was then
converted into crime rates and then combined btpfamalysis to generate a single index of
recorded crime for each LSOAThe strength of this data is that it is made ugmfrover
5,000,000 individual crime reports and thus prositlerge sample sizes even for such low-
level geographies. The disadvantage is that thee idatnly provided as a crime score so we
cannot examine differential effects across crimgesy Figure 3 shows the distribution of
these crime scores across LSOAs in England, sphindby score quintiles (with the lightest
shading denoting the lowest crime quintile, throughthe darkest shading denoting the

highest crime quintile).

Our second source of data is the British Crime &ufBCS). The BCS is a large
annual cross-section survey that is used to prodggeegate figures on crime victimisation
for Britain. The sample sizes are now approximaé&y000 in each year (since the early
2000's) and the survey began in 1982. Since 20@6have obtained access to lower-level
geographical identifiers for each survey respond&éhese identifiers provide us with the
LSOA of each respondent that can then be match#dteteame data as the crime index. The
advantage of this data is that it allows us to mdrbr individual characteristics and to use an

alternative measure of crime. There are two maadliantages. First, given the sample size,

®To check that the crime index is correctly measuriecorded crime, we calculated the average crimex
across all LSOAs in the same local authority andedated this with published recorded crime ratasldcal
authorities. The population-weighted correlatiors\W91.
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we observe few individuals in any one LSOA. Secdhd, crime measure we use from the
BCS is self-reported victimisation (both violentdanon-violent). The willingness to report

such victimisation may itself vary by immigranttsis’

A natural first question is whether the enclavesdifferent from other areas, both in
terms of crime and other socio-economic charac¢ies® To shed light on this, Table 3
reports various outcome measures for LSOAs, brakeém categories on the basis of
immigrant share in the local population. The dmition of all LSOAs by immigrant share is
shown in Figure 1. The components of the indiceslegrivation are defined such that a
larger number indicates a more negative outcomerefbre, for crime, immigrant enclaves
have substantially higher rates than those neigthiiomas with lower immigrant shares. This
poor outcome for enclaves is generally true actiosvarious measures, suggesting that such

neighbourhoods are relatively deprived.

Unsurprisingly, the share of Black and Asian peopses as we move to more
immigrant-dense areas. For England as a whole,%00f the Black population are
immigrants and 52.8% of the Asian population. Tdosnpares with only 5.2% of the white
population. This raises a tricky issue. In practtosill be difficult to separately identify the
role of ethnicity and immigration in analysing tkaclaves. We know from Table 3 that
2,504 LSOAs have more than 30% immigrant populatibninstead we calculated the
number of LSOAs that had more than a 30% non-whdtpulation, we would get 2,986.
Two-thirds of these non-white enclaves are alsoigrnamt enclaves, with the remaining one-
third are all in the 10-30% immigrant-density groufthus when we talk of immigrant

enclaves it is important to understand that thesganerally ethnic enclaves as well.

’Of course the same applies to recorded crime. ffigrants disproportionately fail to report crimésthill bias
inference. In the individual-level regressions wae directly control for immigrant status to remakie average
difference in victimisation and self-reporting pesities.
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In Table 4 we show results from when we regres<ctime score in each LSOA on
indicators of immigrant density and other contrdMée pool the three years of crime scores
(2004, 2007 and 2010) together and include yearndes? In all results we also include a
full set of local authority dummies so that we adentifying the effectswithin local
authorities. In the first column we just includes timmigrant density indicators. There is a
clear and significant rise in crime as we movergaa with a higher immigrant population.
This is no real surprise since we know from Tablén& these areas have more social and

economic problems that are known to be associatidhigher crime rates.

In the second column of the Table, we control forextensive set of LSOA-level
controls. These include the other components oirtliees of deprivation and a set of socio-
demographic controls from the 2001 census datiydimg age, education and housing types
and population density. With these controls inctydee see a significantly different pattern
of crime across immigrant neighbourhoods. Low-lsve&l immigrant population in an area
are now associated with somewhat higher crime rétestive to areas with very low
immigrant shares). In contrast, crime is lowerha enclaves. Indeed crime in the enclaves is
significantly lower both in areas with average ignant shares and in areas that have almost

no immigrants.

In the third column we also include a set of nontevimeighbourhood share effects.
We commented above on the close correlation betweemigrant and non-white
neighbourhoods in England. The results suggest that positive effect of low-level
immigration on crime disappears when we control faicial composition of the

neighbourhood, but the enclave effect remains gteord significant.

® Our results are robust if we estimate the crosieses separately and average the coefficients.
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In the final column, we allow for cross-neighbousdceffects. It seems unlikely that
the definition of neighbourhood used in this, owy ather, paper perfectly matches the
relevant neighbourhood from the perspective ofdhtcome variable. Criminals can cross
artificial neighbourhood boundaries to commit criare individuals can be victims of crime
outside their residential neighbourhood. Since owighbourhoods have an average
population of only 1,500, we might expect a widegasure of the neighbourhood to matter.
To examine this issue, we first calculate the papoh-weighted centroid of each LSOA. We
then determine the five closest LSOAs and computealverage immigrant density in this
neighbouring area.We include this average area itgems addition to the LSOA
neighbourhood share dummit§here is a marginally significant negative effécim area
immigrant densities on neighbourhood crime, but rieegghbourhood enclave also remains
significantly negative. This suggests that the alNeeffect of enclaves on crime is a

combination of the neighbourhood effect and spélsvfrom the area effect.

The models estimated in Table 4 (and those to fatheise group dummy variables
to indicate the share of immigrants in the locgbydation. Whilst this allows for a non-linear
relationship, it does not exploit the full crossts@nal variation in the immigrant share and
could be missing important features of the immigrstmare-crime link. To examine this in
more detail, we re-estimated the columns 2 andeRipations of Table 4 replacing the
grouped dummies with individual percentile dummia& then fitted a local polynomial to
these percentile estimates to provide a grapHioatiation of the variation in the crime score
due to immigrant share. Figures 4A and 4B showrdkalt, with 95% confidence bands. The

relationship is very clearly non-linear, and sigrahtly negative only when we reach

® We also experimented with area share dummies tolmtae LSOA share dummies. The effects again point
a larger negative effect on crime from more immidrdense areas, but the coefficients on the neigtriood
share dummies remained almost precisely the sammeGumn 4 of Table 4.
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neighbourhoods with more than around 30% immigstiatre. Thus our focus on enclaves as

areas with more than a 30% share seems appropriate.

In Table 5 we switch to the BCS data and estimatdets of crime victimisation at
the individual level. One simple explanation of ttesults in Table 4 could be that the
probability of reporting a crime varies by immigtaloncentration and that this is the effect
we are capturing. It is difficult to see why thiowd generate the non-linear pattern we
observe in Figures 4A and 4B, but it could certaimlp to explain the lower crime rates in
the enclaves. Fortunately, the BCS data allow umadel all crimes, not just those that are
reported. The results control for both LSOA-leviékets, using the same set of controls as in
Table 4, and also individual level demographics sMmportantly, we control for region of
birth so we allow different immigrant groups to badifferent crime experiences and
reporting propensities. Comparing results with wimtthout controls shows that we generally
improve the precision of the immigrant neighbourdhadfect estimates by controlling for
other factors. Immigrants in general appear toelss likely to report being victims of crime.
Controlling for this, we again find significant kefitial effects of immigrant enclaves on
crime victimisation. We find no such effects fomler levels of immigrant concentration —
highlighting again the non-linear nature of thetieinship. When we include area immigrant
density, the neighbourhood enclave becomes malgiless significant, but of roughly the

same order of magnitude.

Are all crime types lower in the immigrant encla®@® explore this, Table 6 presents
estimates for a range of different crimes. We estiinthe models for violent and non-violent
crime, and further disaggregate non-violent crim& irobbery, burglary, car theft and
vandalism. Interestingly, we find no evidence dih& between immigrant concentration and
violent crime, nor when we focus on the more sexicamponents of non-violent crime such

as robbery and burglary. The link is only theretfee more minor non-violent crimes such as
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vehicle theft and vandalism. This suggests thatithmigrant enclaves are successful in
reducing crime by lowering levels of anti-socialdaapportunistic crime, rather than by

reducing the rate of crime committed by career trais.

It is natural to wonder whether these enclave &ffeare experienced only by
immigrants or whether natives living in enclavesoabenefit from reduced crime. To
examine this, Table 7 shows BCS results from ictarg the immigrant share dummies with
an individual-level immigrant indicator. Thus wéoat for differential neighbourhood effects
for natives and immigrants, while controlling fotl dhe other characteristics of the
neighbourhood and individual. Interestingly, thedewce seems to suggest that both natives
and immigrants benefit from the enclave effect. ignants experience more of a reduction in
non-violent crime than natives — though even natigsee a significant fall in non-violent
crime. These results are important since it coglcditgued that immigrants in enclaves have
higher propensities to deny being victims of crichee to social pressures. It is hard to see

why natives would feel the same pressure, andhgstdlso experience beneficial effects.

Thus far, we have treated the immigrant densityaimeighbourhood as being
exogenous. There is a vast literature that focosethe likely sorting of individuals across
neighbourhoods that would violate such an assumpfithe standard approach is then to
instrument immigrant density with a constructedialale that attempts to capture the
exogenous variation in that density across neigtitomds. We have therefore computed the
standard instrument used in the immigration litemtthat exploits the fact that immigrants
from particular nationalities tend to exhibit stgopersistence in their location choices based
on prior immigrant settlement of the same natidpgn argument dating back to Altonji and

Card, 1991)° The instrument is then the predicted change instie of immigrants in a

19We also experimented with an instrument basedeistribution of occupations across neighbourkcat
the occupational characteristics of immigrants.sTapproach is used by Cutler et al (2008b) andadipated

16



neighbourhood, computed by using the initial disttion of migrants across neighbourhoods
in the local authority (by nationality) interactedth the national inflow of immigrants by
nationality. Thus it is assumed that new immigrdlt® to neighbourhoods in proportion to

the previous stock of immigrants of the same naitignin the neighbourhood.

One practical difficulty we face in implementingghinstrument is that the definition
of neighbourhood changed between the 1991 and 260%us. The LSOAs used in our
empirical work were introduced in 2001. In 1991, hewve instead over 100,000 Enumeration
Districts (ED). We match each ED to an LSOA — dmakstthere are multiple EDs for most
LSOAs - and compute the initial distribution of ingrants within the LSOA by nationality
(using 15 groups — a combination of countries aglons of birth). We then estimate the
predicted change in the share of immigrants betvi®&i and 2001 for each LSOA and use

this to instrument the share of immigrants in eaSBA in 2001.

Unfortunately, the instrument is not designedredict enclaves alone. We will have
more to say on this identification issue in thetrsection. For the present, we estimate three
alternative models. All the models use the speatifon given in Column (3) of Table 4. First,
we simply replace the immigrant share dummies wee hesed so far with the continuous
measure of immigrant share. Second, we also industpuared immigrant share term. Third,
since only the immigrant enclave dummy was sigaifticn Table 4, we include this dummy
but omit the other immigrant share dummies. Werumsent using the predicted change in

the immigrant share (and its square when we havéantb endogenous regressors).

The first three columns of Table 8 report the OlgSults of for the alternative
specifications, while the IV estimates are givethia final three columns. The OLS estimates

show a negative effect of immigrant share on cridre/en by the negative effects in the

on the assumption that individuals sort into apssly based on their occupation. The results arg similar to
those reported using the alternative instrumentaaadavailable upon request.
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enclaves. If we allow for a quadratic, we obtaigateve coefficientson both terms, though
neither is significant® Finally, if we only include the immigrant enclasemmy, we recover

almost the identical coefficient as in Table 4. TWeestimates show that for the first two
specifications, the pattern is broadly similar ahd quadratic term becomes significantly
negative. Interestingly when we use the predictednge in the immigrant share as an
instrument for the enclave dummy, the instrumemteaps to retain significant power, with a
first stage F-statistic of over 200. The IV estienat significantly negative and twice as large

as the OLS estimates, suggesting even strongetivegéfects of enclaves on crime.

V. |INTERPRETATION OF THE ENCLAVE EFFECT

Our results from the previous section suggest theige a beneficial effect on crime
from living in an immigrant enclave. This effectncent be ascribed simply to the idea that
immigrants are less likely to commit crime thanives. Even if that were true, for which the
evidence is not strong (see the survey by Bell Bathin, 2011), we would expect to
observe a negative linear relationship between gremt density and crime across
neighbourhoods. However, as Figures 4A and 4B dstrate, this is not the case. Beneficial
effects from immigrant neighbourhoods only appebemvwe reach around 30% immigrant
density. Indeed there appears to be no relatiortsttyween crime and immigrant density for
the majority of neighbourhoods that have low to medimmigrant shares.

One explanation for our findings is that individsiaho locate in enclaves are simply
ex-ante less likely to commit crime than observadiiyilar individuals in less segregated
areas. In other words there is a sorting of indigild (immigrants and/or natives) by

unobserved criminal propensity, but the impacthi$ tsorting only becomes substantial in

" Interestingly, if we allow for a quartic in immint share to more accurately capture the non-lifesrwe
find that all four terms are individually significat the 1% level. This simply highlights againsha single
linear term in concentration would fail to capttine nature of the relationship.
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enclave areas. It seems to us unlikely that estendard instrumental variable methods or
displacement policy experiments can adequately da#d such sorting. IV methods are
suitable when the object is to control for sortoger the entire cross-section of immigrant
areas but are likely to have low explanatory poatethe extremes of the distribution where
we observe the key effects. Note that this is @asstrue if our focus were instead on those
areas where there are almost no immigrants. Simildisplacement policy experiments
rarely generate exogenous enclaves since policymake naturally loathe to artificially
create neighbourhoods with high immigrant densities

The alternative explanation is that individuals wbecate in enclaves are just as likely
ex-ante to commit crime as others, but that subm®qocial interactionsgenerate a
dependence between individual crime participatiecigions and the actions of others in the
neighbourhood.That such social interactions matelear from the fact that two-thirds of all
criminals commit crimes jointly (Reiss, 1980). A da&b of crime and social interactions is
developed by Glaeser, Sacerdote and Scheinkmar6)(189 their model, individuals are
arranged on a lattice, and individual decisionsuabmime are a function of individual
attributes and of their neighbours' decisions alsominal activities. There are two types of
individual: (1) those who influence and influendey their neighbours and (2) those who
influence their neighbours, but who cannot thenesbe influenced (“fixed agents”). These
fixed agents can be thought of as either the lamiadp or the hardened criminal. The
influence that is exerted by neighbours can bermétion flows about criminal techniques
and the returns to crime, or behavioural influented determine the costs of crime or the
tastes for crime (e.g. family values, social nor@syl monitoring by close neighbours. For
the purposes of this discussion, the crucial resuithat crime in a neighbourhood is a

function both of the fraction of individuals tharcbe influenced (the non fixed-agents) and
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the relative proportion of the law-abiding among tixed-agents. At the extreme, if all fixed-
agents are law-abiding, there is no crime.

What can such a model say about immigrant condesrs® For both immigrants and
natives there are two effects. First, the propard individuals in the neighbourhood that
can be influenced may change. Suppose immigrants ocdy be influenced by other
immigrants and vice versa. Then a more mixed coniypnovides fewer social interactions
than a very segregated area. Second, the distrbofifixed agents may change. It is often
argued that immigrant enclaves enable the enforcewfestrong social norms. If one such
norm is abiding by the law, the proportion of labhidlers among the fixed-agents may
increase. Interestingly, this implies that evenivest may adjust their criminal behaviour
toward the social norm of the immigrants, providedives can be influenced by immigrant
fixed-agents. What is also clear from this disomsgs that there is no particular reason to
expect linearity in any immigrant concentrationauoei effect.

There are various other models that can generataptauequilibria in crime rates
within neighbourhoods. Suppose for example thatldaeabiding within a neighbourhood
directly monitor criminals (e.g. via neighbourhoadtch schemes). Then as the number of
law-abiding citizens rises within a neighbourhoodme detection rates rise and the returns
to crime fall. Alternatively, if there is a stignatached to criminal behaviour, then as the
number of criminals in a neighbourhood rises, therage criminal becomes a “normal”

member of the society, stigma falls and more ciisrmmmitted.

We can provide some suggestive evidence on thgdaretions by examining survey
data. We use both the BCS and the recently intrediidnderstanding Society survEyAt
present the only available data for this latteiveyris the 2009 cross-section, though over

time this will become a panel. Crucially howevére ttross-section identifies the LSOA of

2 The Understanding Society survey is a new studpe@focio-economic circumstances and attitudeofit
100,000 individuals in 40,000 British households.
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the individual respondent so that we can link thgponses to the same neighbourhoods as
used in the previous section. We focus here ondgueastions. First, we look at measures of
social interaction that try to capture the exterit tust and cooperation within a
neighbourhood. Is there are any evidence that imantgenclaves differ from more mixed
neighbourhoods along these dimensions? Secondxaveige some behavioural measures of
individuals to see whether those who live in enetagppear different along such observable
dimensions. This is not to claim that such measaresausally related to criminal behaviour,
but rather to investigate whether there appearifgignt differences in individuals across

neighbourhoods that may indicate sorting.

To capture social interactions, we consider tHieviong measures: (1) “Friendships
in my neighbourhood mean a lot to m&tiends), (2) “I borrow things and exchange favours
with my neighbours” Eavours) and (3) “I regularly stop and talk with people my
neighbourhood” Talk). For behaviours we look at two measures: (1) Y@a belong to a
religion?” (Religion) and (2) “Do you ever visit a public house?ldohol). For social
interactions, respondents are asked to answerat-Bach question, with 1 being strongly
agree and 5 being strongly disagree. We estimatered probit models for each response
and allow for an extensive set of individual cofdgrd-or the behaviours, the responses are
yes/no so we estimate binary probit models. Ouera@st here is in whether there are
observable differences in responses across neighbods with different immigrant

concentrations.

Table 9 shows the results for each of the measéas find no evidence that
immigrant enclaves have more powerful social irtgoas. Indeed at the margin, people who
live in enclaves report that friends in the neiginbmod are somewhat less important to them
than those living in less immigrant-dense neighboads. There is no evidence that they are

more likely to exchange favours and talk to theiighbours. Two caveats are important here.
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First, we ideally would focus on the at-risk groupo are likely to be potential criminals i.e.
mainly young males, and examine their social imtgsas. Unfortunately sample size
precludes such an exercise. Second, it is diffttuknow whether the measures we use are

truly capturing the social interactions we areriested in.

Turning to measures of individual behaviour, wadfimuch stronger effects.
Individuals living in immigrant enclaves are muclone likely to be a member of a religion
than those living in more mixed neighbourhoodsadidition, they are much less likely to
visit public houses. Here the effect builds as wavenacross immigrant neighbourhoods
rather than occurring solely in the enclaves, Bustronger in the enclaves than elsewhere.
Recall that all these models control for regiorboth, so these results cannot be explained
simply as a result of immigrants being more religi@and less likely to consume alcohol. It

would appear that there is significant sorting asmeighbourhoods on individual behaviours.

Of course none of the evidence presented heralefmitively distinguish between
alternative explanations of the enclave-crime r@hship we observe in the data. Our aim has
rather been to highlight some potentially chanrnl®ugh which we might explain the
observed correlation and see whether some simpdsumes provide support. The growth of
the immigrant enclave is a reasonably new phenomémdhe UK and has received little
attention in the economics literature. It is aradi@ future research to understand more fully
what is going on in these high-density immigrargaa; and the implications of such areas

both for crime and other socio-economic outcomes.

V. CONCLUSIONS
The impact of immigrant neighbourhoods on socioremic outcomes of both
immigrant and natives has been a topic of interda among economists and other social

scientists. A key feature of this work has beentémelency of migrants to locate in the same
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place as previous migrants from their country, #ng the formation of migrant enclaves.
This paper has presented new evidence on the patté@mmigrant residential segregation in

England since 1971. It shows that one importaneldg@ment over this period has been the
rise of the immigrant enclave, a neighbourhood whemmigrants account for a substantial
proportion of the local population. If we define smmigrant enclave as a neighbourhood
with at least 30% immigrant population, we findtthm1971, 15% of immigrants lived in an

enclave. By 2001, this proportion had risen to 31%.

There is nothing particularly mysterious about thkisvelopment. The stock of
immigrants rose by 57% over this period. If the rease was distributed across
neighbourhoods in exact proportion to the initistgbution of immigrants, the proportion in
enclaves would have been 32%. By contrast, if tleeease had been distributed randomly,
the share would have been 17%. Therefore, the neyder immigrants to locate in areas of
prior-immigrant settlement, combined with a largerease in the number of immigrants, has
generated this increase in the importance of easladowever, this is not just an issue for
immigrants. In 1971, just over 700,000 nativesdiva immigrant enclaves (1.7% of the
native population). By 2001, this had risen to 2.&12% of the native population). If there
are immigrant neighbourhood effects on outcome abdes such as crime, the policy
relevance of such effects has increased by an ofdeagnitude as a result of the population
changes over the last few decades.

We find strong and consistent evidence that eesldhavdower crime experiences
than otherwise observably similar neighbourhoods tave a lower immigrant share of the
population. This effect appears to be significahewwe reach somewhere between 20-30%
immigrant share and is observed whether we usededacrime data or self-reported crime
victimisation data. The effect is present for ba#tives and immigrants, though it appears

somewhat larger for immigrants. In terms of disaggted crime types, the effect is coming
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through the more minor crime categories such aghedt and vandalism rather than more
serious crimes such as violence, robbery and hwyrgla

There are a number of key questions that remaifufare research and we choose to
highlight two. First, how can one identify the calusffect of immigrant neighbourhoods on
crime? To do so, we would need an equivalent oMbeing to Opportunity experiment used
to identify the causal effect of poor neighbourh®ah crime (Kling et al, 2005). Second,
there is the more understudied question of whatham@sms are capable of generating this
beneficial enclave effect of crime? This would setambe an important area, both for
generating a better understanding of the key figgliand for their relevance to policy debates

about immigration.
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TABLE 1. IMMIGRANT SEGREGATION IN ENGLAND, 1971-2001

Year/Country of Origin Number of Dissimilarity Isolation
Immigrants
Mean Std. Dev. Mean Std. Dev.
1971 2.89m 0.232 0.093 0.037 0.032
Republic of Ireland 0.64m 0.182 0.053 0.007 6.00
South Asia 0.43m 0.439 0.162 0.053 0.049
European 0.57m 0.215 0.069 0.010 0.009
African NC 0.15m 0.346 0.127 0.023 0.026
Old Commonwealth 0.12m 0.236 0.059 0.008 0.007
1981 3.15m 0.214 0.100 0.036 0.036
1991 3.51m 0.193 0.096 0.031 0.031
2001 4.53m 0.183 0.094 0.029 0.028
Republic of Ireland 0.46m 0.129 0.046 0.003 8.00
South Asia 0.90m 0.367 0.145 0.054 0.042
European 0.99m 0.149 0.056 0.005 0.004
African NC 0.56m 0.203 0.079 0.011 0.009
Old Commonwealth 0.21m 0.217 0.070 0.007 0.006

Note: Summary statistics are weighted by the nurobanmigrants residing in the community. There 8461 wards in England that have
at least some population in all years.South Asfarseto India, Pakistan and Bangladesh. Banglasesh part of Pakistan until 1971.
African NC refers to New Commonwealth Africa only.
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TABLE 2. DISTRIBUTION OF IMMIGRANTSIN CENSUSWARDSIN ENGLAND

1971 1981 1991 2001
A.Ward Count
Immigrant % Share:
Exactly O 0.1 0.0 0.0 0.0
0-1 4.8 2.8 1.7 0.8
1-2 195 17.4 14.7 9.8
2-5 47.9 50.1 51.1 47.3
5-10 17.9 18.7 20.0 25.7
10-20 6.6 6.3 6.6 8.7
20-30 2.0 2.8 3.3 3.3
30-50 1.3 1.9 2.4 4.1
50-100 0.1 0.1 0.2 0.3
B. Immigrant Population
Immigrant % Share:
0-1 0.5 0.3 0.2 0.0
1-2 3.9 3.4 2.9 15
2-5 22.1 21.4 19.6 14.7
5-10 21.3 20.9 19.8 19.2
10-20 23.6 19.8 18.3 18.1
20-30 14.0 16.8 18.4 15.3
30-50 13.9 16.4 194 28.6
50-100 0.7 1.2 14 2.6

Note: There are 8,461 wards in England that haleaat some population in all years.

27



TABLE 3. SUMMARY STATISTICSFOR L SOAS

Immigrant Share

0-2% 2-5% 5-10% 10-30% 30%-+
Index of Multiple Deprivation 27.3 19.9 17.1 23.3 33
Crime Score 0.01 -0.19 -0.11 0.33 0.53
Income Score 0.17 0.13 0.12 0.16 0.26
Employment Score 0.14 0.10 0.08 0.10 0.12
Health and Disability Score 0.54 -0.01 -0.32 -0.01 0.28
% Black 0.1 0.3 0.9 5.1 14.2
% Asian 0.4 0.9 2.6 10.7 27.2
% Young 18.0 174 18.1 21.2 224
% No Quals 38.1 311 26.2 245 27.1
% Degree 11.5 15.8 20.5 27.4 30.8
Number of LSOAs 3711 12874 7847 5546 2504

Note: Data from the Indices of Deprivation (firstdws) are indices in which a larger number indisa worse outcome.
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TABLE 4. CRIME SCORE AND ENCLAVES, 2004-10

@ @ ©) 4
Immigrant Share 2%-5% 0.002 0.050** 0.022 0.023
(0.022) (0.015) (0.014) (0.014)
Immigrant Share 5%-10% 0.109** 0.087** 0.025 0.028
(0.032) (0.019) (0.019) (0.019)
Immigrant Share 10%-30% 0.286** 0.054** -0.000 @01
(0.038) (0.025) (0.027) (0.028)
Immigrant Share 30%+ 0.314** -0.135* -0.138** A1+
(0.053) (0.043) (0.042) (0.037)
Area Immigrant Share -0.337*
(0.189)
Non-White Share 2%-5% 0.091** 0.092**
(0.010) (0.010)
Non-White Share 5%-10% 0.131** 0.134**
(0.020) (0.020)
Non-White Share 10%-30% 0.118* 0.129**
(0.027) (0.028)
Non-White Share 30%+ 0.023 0.055
(0.035) (0.040)
In(Population Density) -0.030** -0.034** -0.033**
(0.005) (0.006) (0.005)
Poor Income Score -0.014 0.109 0.129
(0.154) (0.152) (0.147)
Poor Employment Score 1.347* 1.306** 1.304**
(0.240) (0.240) (0.239)
Health Deprivation Score 0.213** 0.206** 0.204
(0.017) (0.016) (0.016)
Young Share -0.116 -0.175 -0.172
(0.119) (0.119) (0.119)
Old Share -0.421** -0.376** -0.383**
(0.090) (0.089) (0.090)
Sample Size 97,446 97,446 97,446 97,446
R-Squared 0.419 0.644 0.646 0.646

Note: Standard errors are clustered at the loctioaty level. Additional LSOA-level controls inaled (but not reported here) are
education and training deprivation score, barrterbousing score, living environment score, 10 Soygar olds share, no qualifications
share, degree and above share, houses sharéailaf shared dwelling share, communal areas presenfamily dwelling share, and other
family dwelling share. Regressions are weightedhigypopulation in the LSOA and include year dummieand ** denote significance at
thel0 % and 5% level respectively.
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TABLE 5. CRIME VICTIMISATION AND ENCLAVES, 2006-10

@) @) (3) (@)
Immigrant Share 2%-5% 0.002 0.002 0.002 0.003
(0.007) (0.007) (0.007) (0.007)
Immigrant Share 5%-10% 0.007 -0.002 -0.001 0.000
(0.009) (0.009) (0.009) (0.009)
Immigrant Share 10%-30% 0.008 -0.020* -0.011 -0.008
(0.010) (0.011) (0.014) (0.014)
Immigrant Share 30%+ -0.037** -0.064** -0.045** aB6*
(0.013) (0.016) (0.020) (0.021)
Area Immigrant Share -0.099
(0.075)
Non-White Share 2%-5% -0.004 -0.004
(0.005) (0.005)
Non-White Share 5%-10% 0.005 0.005
(0.009) (0.009)
Non-White Share 10%-30% -0.010 -0.008
(0.012) (0.012)
Non-White Share 30%+ -0.036* -0.027
(0.018) (0.020)
European Immigrant -0.062** -0.062** -0.062**
(0.008) (0.008) (0.008)
Asian Immigrant -0.095** -0.095** -0.095**
(0.010) (0.010) (0.010)
African Immigrant -0.033** -0.033** -0.033**
(0.012) (0.012) (0.012)
Other Immigrant 0.004 0.004 0.004
(0.012) (0.012) (0.012)
Black -0.058* -0.056** -0.056**
(0.013) (0.013) (0.013)
Asian -0.009 -0.006 -0.006
(0.012) (0.012) (0.012)
In(Population Density) 0.007** 0.007** 0.007**
(0.002) (0.002) (0.002)
Urban Area 0.019** 0.019** 0.019**
(0.008) (0.008) (0.008)
Female -0.020** -0.020** -0.020**
(0.003) (0.003) (0.003)
Young 0.097** 0.097** 0.097**
(0.006) (0.006) (0.006)
Oold -0.088** -0.088** -0.088**
(0.006) (0.006) (0.006)
LA Fixed Effects Yes Yes Yes Yes
Sample Size 131,079 119,882 119,882 119,882

Note: Standard errors are clustered at the lodhbaity level. The regressions also include thédat of LSOA-level controls used in Table
4 and dummies for inner-city and living on a hogséstate. Regressions are weighted by BCS sampétawand include year dummies. *
and ** denote significance at the 10% and 5% legspectively.
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TABLE 6. CRIME VICTIMISATION TYPESAND ENCLAVES

Violent Non-Violent Burglary Vehicle Vandalism Rioéry
Immigrant Share 2%-5% -0.001 0.002 0.002 0.005 0®.0 0.000
(0.003) (0.006) (0.002) (0.004) (0.004) (0.001)
Immigrant Share 5%-10% 0.002 -0.006 0.005* 0.001 000. 0.001
(0.003) (0.008) (0.003) (0.005) (0.005) (0.002)
Immigrant Share 10%-30% -0.003 -0.018* 0.004 -0.009 -0.007 0.001
(0.004) (0.009) (0.003) (0.007) (0.006) (0.002)
Immigrant Share 30%+ -0.004 -0.059** 0.003 -0.024** -0.020** -0.001
(0.005) (0.014) (0.005) (0.008) (0.009) (0.002)
European Immigrant -0.011** -0.046** -0.000 -0.0x9* -0.023** -0.002*
(0.003) (0.007) (0.003) (0.004) (0.005) (0.001)
Asian Immigrant -0.010** -0.083** -0.005** -0.032** -0.034** -0.001
(0.003) (0.009) (0.002) (0.005) (0.005) (0.002)
African Immigrant -0.008** -0.024** 0.002 -0.005 a2 -0.001
(0.004) (0.011) (0.004) (0.008) (0.007) (0.002)
Other Immigrant 0.005 -0.003 0.004 -0.002 -0.012* .000
(0.005) (0.013) (0.005) (0.007) (0.007) (0.002)
Black -0.007* -0.047** -0.001 -0.012** -0.025** -000
(0.004) (0.013) (0.004) (0.006) (0.005) (0.002)
Asian -0.013** 0.010 -0.002 0.011 0.015* -0.005**
(0.002) (0.011) (0.003) (0.007) (0.008) (0.001)
In(Population Density) 0.000 0.006** 0.001 0.004** 0.006** -0.000
(0.001) (0.002) (0.001) (0.001) (0.001) (0.001)
Urban Area 0.000 0.018** 0.004* 0.007 0.008** 0.000
(0.002) (0.007) (0.002) (0.004) (0.004) (0.002)
Female -0.019** 0.004 0.002* -0.007** -0.006** 0BT
(0.001) (0.003) (0.001) (0.002) (0.002) (0.001)
Young 0.073** 0.019** 0.013** 0.016** -0.007** 0.08**
(0.003) (0.006) (0.002) (0.004) (0.003) (0.002)
Old -0.019** -0.070** -0.007** -0.036** -0.026** -0000
(0.002) (0.005) (0.002) (0.003) (0.003) (0.001)
LA Fixed Effects Yes Yes Yes Yes Yes Yes
Sample Size 119,882 119,882 119,882 119,882 119,882 119,882

Note: Standard errors are clustered at the lodhbaity level. The regressions also include thédat of LSOA-level controls used in Table
4and dummies for inner-city and living on a housastate. Regressions are weighted by BCS samp@htseand included year dummies.
Vehicle includes any vehicle related crime and swplzonsists only of theft from a person. The viehiegression also controls for vehicle
ownership. * and ** denote significance at the 1886l 5% level, respectively.
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TABLE 7. IMMIGRANT AND NATIVE ENCLAVE EFFECTS

Total Violent Non-Violent
Native Effect
Immigrant Share 2%-5% 0.003 -0.001 0.003
(0.007) (0.003) (0.006)
Immigrant Share 5%-10% 0.001 0.003 -0.004
(0.009) (0.003) (0.008)
Immigrant Share 10%-20% -0.006 -0.001 -0.005
(0.011) (0.004) (0.009)
Immigrant Share 20%-30% -0.042** -0.001 -0.043**
(0.015) (0.006) (0.013)
Immigrant Share 30%+ -0.070** -0.005 -0.063**
(0.019) (0.005) (0.016)
Immigrant Effect
Immigrant Share 2%-5% -0.029 -0.013* -0.011
(0.026) (0.006) (0.029)
Immigrant Share 5%-10% -0.043 -0.015* -0.023
(0.026) (0.005) (0.028)
Immigrant Share 10%-20% -0.078* -0.019** -0.049*
(0.025) (0.004) (0.026)
Immigrant Share 20%-30% -0.104** -0.017** -0.077*
(0.024) (0.005) (0.026)
Immigrant Share 30%+ -0.130** -0.015* -0.106**
(0.024) (0.006) (0.025)
LA Fixed Effects Yes Yes Yes
Sample Size 119,882 119,882 119,882

Note: Standard errors are clustered at the lodhbaity level. The regressions also include thédat of LSOA-level controls used in Table
4. Regressions are weighted by BCS sample wemidsinclude year dummies. * and ** denote signifioa at thel0 % and 5% level
respectively.
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TABLE 8. CRIME SCORE AND | NSTRUMENTAL VARIABLE ESTIMATION

OoLS \Y
Immigrant Share -0.918** -0.500 -0.945** 05
(0.183) (0.419) (0.283) (0.650)
Immigrant Share Squared -0.744 -2.521**
(0.805) (1.166)

Immigrant Enclave -0.136** -0.312**

(0.032) (0.090)
LA Fixed Effects Yes Yes Yes Yes Yes Yes
First Stage F-statistic 805.3 606.8 214.0
(Immigrant Share)

296.9

First Stage F-statistic
(Immigrant Share Squared)
Sample Size 97,446 97,446 97,446 97,446 97,446 487,4
R-Squared 0.646 0.646 0.646 0.646 0.645 0.645

Notes: Standard errors are clustered at the laghloaty level. Additional LSOA-level controls ingdled (but not reported here) are the
same as in Column 3 of Table 5. Immigrant shareimmdigrant share squared are instrumented usingribdicted change in immigrant
share (and its square) from 1991 Enumeration Bistrnapped into 2001 LSOAs. * and ** denote sigmaifice at thel0 % and 5% level

respectively.
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TABLE 9. ENCLAVES, SOCIAL INTERACTIONSAND BEHAVIOURS

Understanding Society British Crime Survey
Friends Favours Talk Religion Alcohol
Immigrant Share 2%-5% 0.007 0.028 0.028 -0.012* 018.
(0.048) (0.046) (0.050) (0.0086) (0.008)
Immigrant Share 5%-10% 0.018 0.043 0.019 -0.009 0.022**
(0.057) (0.053) (0.056) (0.008) (0.011)
Immigrant Share 10%-30% 0.090 0.058 0.030 0.008 -0.054**
(0.074) (0.071) (0.077) (0.009) (0.014)
Immigrant Share 30%+ 0.228* 0.129 0.035 0.049** -0.109**
(0.135) (0.130) (0.122) (0.015) (0.022)
LA Fixed Effects Yes Yes Yes Yes Yes
Sample Size 15009 14954 14800 119882 119882

Notes: Standard errors are clustered at the laghbdty level. Columns (1)-(3) use data from thederstanding Society survey and are
ordered probits (with higher outcomes represerlégsg agreement). Columns (4) and (5) use data thenBritish Crime Survey and are
0/1 probits. All regressions are weighted and idelyear dummies and the LSOA controls used in Tébfeand ** denote significance at
the10 % and 5% level respectively.
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Figure 1:
Distribution of Immigrant Concentration Across Neligurhoods — LSOAs in England, 2001
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Figure 2: Immigrant Densities Across LSOAs in Emgla2001
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Figure 3: Crime Score Quintiles Across LSOAs in lang, 2004-10
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Figure 4A. Local Polynomial of Immigrant Neighboaodd Effect on Crime Score
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Figure 4B. Local Polynomial of Immigrant Neighboadd Effect on Crime Score
Controlling for Ethnic-Share in Neighbourhood
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TABLE Al. ALTERNATIVE CENSUS GEOGRAPHIES

Year/Geography # Units  Population % Enclaves % Immigrants Dissimilarity  Isolation
in Enclaves
1971
Enumeration District 101,865 439 4.9 24.1 0.324 0.091
1981 Ward 8,461 5,298 1.3 14.6 0.232 0.037
1981
Enumeration District 104,209 439 5.7 24.6 0.286 0.070
1981 Ward 8,461 5,407 1.9 17.6 0.214 0.036
1991
Enumeration District 103,101 456 5.7 26.3 0.253 0.057
1981 Ward 8,461 5,554 25 20.9 0.193 0.031
2001
Output Area 165,628 297 7.4 347 0.258 0.054
Lower Super Output Area 32,477 1,513 7.7 331 213. 0.040
Middle Super Output Area 6,780 7,247 7.5 31.6 186. 0.031
1981 Ward 8,461 5,801 4.3 31.1 0.183 0.029

Note: Dissimilarity and Isolation indices are weiggh by the number of immigrants residing in the oamity. Enclaves are defined as
those neighbourhoods with more than 30% of the ladipn being immigrant.
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