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Abstract: We analyzed the vehicle characteristics in low altitude platform, and proposed a fast object tracking
method via particle filter based on Meanshift optimization. In our method, we used color distribution histogram
to represent an object. Then Meanshift algorithm was applied to iterative optimization in particle selecting
stage. This innovation is able to reduce the particle number in tracking. The experiments show that our method
has strong robustness and stability, and it can be applied in fast tracking in low altitude platform.
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Fig.1 Tracking results of a single target
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Fig.2 Tracking results of vehicles at traffic crossing in the low-altitude platform by the proposed method
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Fig.3 Tracking results of vehicles on highway by the proposed method
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