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Tab. 1 Geology data for 7 variables
No. 1 2 3 4 5 6 7 8 9 10 11 12 13 14 15 16 17 18 19 20 21 22
Cu 70 70 70 100 70 60 50 70 70 8 70 100 75 70 100 100 70 60 75 100 200 100
As 150 100 100 100 150 100 100 500 100 150 150 100 100 100 300 100 100 100 150 100 350 1500
Ph 60 75 40 45 45 60 45 70 40 75 75 60 60 S50 40 45 40 40 60 45 80 70
Sh 70 20 45 50 70 30 40 30 30 35 35 60 100 60 200 25 50 50 100 60 30 250
Ni 700 60 100 100 180 70 260 500 50 300 300 70 70 500 500 120 60 50 130 300 1300 500
w10 5 5 10 20 8 7 15 5 7 7 10 10 7 10 5 10 7 15 7 25 1000
Au 165 13 6 9 9 9 7 240 18 14 14 5 16 7 450 4 11 5 10 9 31 1000
No. 23 24 25 26 27 28 29 30 31 32 33 34 35 36 37 38 39 40 41 42 43 44
Cu 100 50 100 100 150 100 150 60 40 300 100 150 100 250 200 50 100 75 70 130 160 130
As 200 100 250 200 200 100 200 100 100 300 200 250 100 100 150 100 2000 100 100 1500 400 200
Pb 50 130 50 60 140 50 130 200 25 100 70 100 70 130 400 15 60 70 60 60 700 130
Sh 50 50 30 8 50 30 70 25 130 50 S50 40 20 40 200 20 S50 30 30 30 60 50
Ni 200 150 2500 120 7200 140 300 120 20002500 800 120 230 600 200 2500 500 400 120 350 130 350
w30 7 10 30 20 10 15 10 5 25 20 30 10 25 30 5 40 10 20 500 10 30
Au 63 5 386 40 6 10 11 4 3 14 125 21 15 11 136 2 1000 506 10 9 13 271
2 X 3 27 X(27)

Tab. 2 The conditional indexes of data matrix X in the re

al example

ter deleting the No.27th data point

Tab.3 T he conditional indexes of data matrix X (27) af
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1.000 0
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11.6379 21.3414 31.3242
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14.3356 19.269 8
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One spatial classification arithmetic based on naive Bayesian classifier

ZHAO Qiryi, WANG Ltzhen, ZHOU Lthua
( Department of Computer Science and T echnology, Y unnan University, Kunming 650091, China)

Abstract: Spatial classification is one main case of spatial data mining. Finding effective spatial classifica
tion algorithm is an important problem of spatial classification. It is presented a new spatial classification algo-
rithm based on neighbor graph and naive Bayesian classifier. T he algorithm takes the attributes of classifying
object and its neighbor objects into account when classifying spatial objects. T he algorithm have low computing
cost and high classifying accuracy.

Key words: spatial classification; spatial neighbor relation; naive Bayesian classifier
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Assessment of influence in condition indexes of data matrix

ZHANG Werr zhuan"*?, SHT Lei®
(1. Institute of Infomation, Guizhou Finance and Economics College, Guiyang 550001, China;
2. Department of Statistics, Y unnan University, Kunming 650091, China)

Abstract: T he influence of data points on the condition indexes of data matrix is studied via deleting cases

one at a time. A approximate formula of sample influence function has obtained. An example is used to illus
trate the method.

Key words: case deletion; condition indexes; data matrix; influence assessment
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