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less signal is discussed and the broadband wireless access performance is analy zed by comparing the predicted
data and the measured data. Solution of designing a broadband wireless access network in a building is present

ed.
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The entropy of Bayesian networks

ZHANG Zhongyu', LIU Weryi', ZHANG Y1r zhuo’
(1. Department of Computer Science, Yunnan University, Kunming 650091, China
2. Department of Computer Science, Yunnan Norma University, Kunming 650092, China)

Abstract: In the view of entropy, that if the graph and probability specification in a Bayesian netw ork are
thought of as an agent’ s background knowledge, the agent is most rational if she adopts the probability distri-
bution determined by the Bayesian netw ork as her belief function. It shows that the distribution determined by

the Bayesian network maximises entropy given the causal and probability distribution of a Bayesian netw ork

under the conditional independen ce.
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