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WiA; = {{W:}.{W- W:})
W; A A; card( W;) ,
card( W;)
= card (W) § = min _sup, A;
, k- (k+ 1)-
A A k- ’ a A a A,
(k+ 1) - {a A},
Wita A} = {{W: Wi {W- Wi W},
W W (k+ 1)- {a A} , (k+ 1) -
card( W, W) min _sup card( W).
k- , (k+ 1) ,
DM _R 1- )
1.1.2
, , DM _R ,
, (MIF) ,
1 R:av, a2, ,a aw1, ,ar, aj D, ai G, i, {1,2, ,r}.
MIF( @) a  MIF R
min _sup(R) = min(MIF(ai),MIF(a2), ,MIF(ar)).
1 . MIF(M) = 0,5,MIF(B) = 0.6, MIF(E) = 0.4, MIF(S) = 0,1,
MIF(R) = 0.05.
(1 1- L ,
Wi{M} = ({T'1,T4,T6,T8,T9},{T2,T3,T5,T7}},
Wi{B} = {{T1,T3,T4,T5,T6, T7,T8},{T2, T9}},
WI{EY = ({T1,T4,T5,T6,T7, T9},{T2,T3,T8}},
Wi{S}y= {({T2, T4, TT7},,{T1,T3,T5,T6, T8, T9} },
WI{R} = {({T1,T2},{T3,T4,T5,T6,T7,T8, T9}}.
(2) 2- , 2- G, C; C, , €2

W/{M,B) = ({Tl,T4,T6,T8), (T2, T3,TS T7,T9}},

W/{M,S) = {{T4),{T1, T2, T3,T5T6,T7, T8, T9}},
W/{M Ry = {{T1),{T2,T3,T4,T5,T6,T7,T8, T9}},
W/{B,E} = {{T1,T4,T5T6,T7), (T2, T3,T8, T9}} ,
W/{B,S} = {{T4,T7},{T1,T2, T3, T5,T6, T8, T9}},
W/{B R} = {{T1},{T2.T3,T4, T5T6, T7,T8,T9}}.
W/{E,S} = {{T4,T7},{T1,T2,T3, T5T6, T8, T9}},
W/{E,R} = {{T1}, (T2, T3,T4, T5T6, T7,T8,T9}},



66 ( ) 27

WI{R,S} = {({T2},{T1,T3,T4,T5,T6,T7, T8, T9}}, 1.

1 :min _sup( M, B) = min(MIF(M) ,MIF(B))= 0.5, min_sup(M,E) = 0.4, min
_sup(M,S) = 0.1, min _sup(M, R) = 0.05,min _sup(B,E) = 0.4, min _sup( B,S) = 0.1, min _sup(B,
R) = 0. 05, min_sup(E,S) = 0.1, min _sup( £, R) = 0.05, min _sup(S,R) = 0. 5. 2- L

1
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ES SCREPIEE SIS SCHFMSE
{M,B} 0.58 M.B 0.58
{M.E} 0.42 L _ iM’E}} 0.42
{M.S} 0.06 Jmin_Supfflt | § e 0.08
R4 C = A4C {M.R} 0.08 R A D I AR (M.R} :
—> (B.) {B.E} 0.50
{B.E} 0.50 (B.S} 0.10
{B.S} 0.10 {B.R} 0.08
{B.R} 0.08 (E.S} 0.10
{E.S} 0.10 (E.R} 0.08
(E.R) 0.08 ’ :
(R.S) 0.02
1 2- C, 2- L,
(3) 3- Ls L , 1 :min _sup( M, B,E) =

min(MIF( M) ,MIF(B) ,MIF(E£)) = 0.4, min _ sup(M, B,S) = 0.1,min _sup(M,B,R) = 0.05 min _
sup(M, E,S) = 0.1,min _sup(M, E,R) = 0.05,min_sup(M,S, R) = 0.05, min _sup( B, E£,S) = 0. 1,min

_sup(B, E,R) = 0.05,min _sup(B,S,R) = 0.05,min _sup( E,S,R) = 0.06. L; ’
G
TR SRR
{M,B,E} 0.30 L3
{M.B.S} 0.06 . = i
- {MaBaRI} 0.08 Lmin_supjf] L S SCRPPE
REGTEG)  (MES) 0.06 J g | (MBR) 0.08
{M,E,R} 0.08 {M.E,R} 0.08
{M.S.R} 0 {B.E.S} 0.10
{B.E,S} 0.10 {B.E.R} 0.08
{B.E.R} 0.08
{B.S.R} 0
{E.S.R} 0
2 3- C; 3- L
(4) 4— L4 L2 . 4_ C4 4_ Lp
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TH ST .
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{M,B.E.S} 0.06 Lmin_supff] [t oy T
’iﬁﬂﬁcgfi éEC4 {M,B’E’R} 0.08 3’)1\?%%2’;‘%&5 l)\ﬁ )LT‘J }')Ux
tM.B.5.R} 0 (M,B.E.R} 0.08
{M.E.S.R} 0
{M.E.S,R} 0
3 4 C, 4- L,
S »5- Cs 1 (M,B,E,R,S}: W/{M,B,E,R,S}=1{ ,
(T1,72,73, T4,T5, T6,177,T8,T9}}, 0, min_sup(M, B, E,R,S) = min(MIF(M), MIF(B),
MIF(E) ,MIF(R),MIF(S)) = 0.05, Ls= . ,
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A Mining Algorithm of Single- Dimensional Boolean Association
Rules Based on Rough Set

ZHUO Yue ming', QING Zuxyue”, HU Bin’
(1. College of Physics Science & Information Engineering, Jishou University. Jishou 416000, Hunan China; 2. College of
Information Management & Engineering, Jishou Universiy, Zhangjiajie 427000, Hunan China)

Abstract: Applying the concepts of equivalent class in the Rough Set Theory, the paper advances association rules to
mine valuable knowledge that describe the interrelationship about data item, and put forward one mining algorithm.
Considering the limit of localization of Association rules setting single minimum support threshold, it brings forward the
discovery of numerous item class through many minimum supports and evaluating rule though interestingness.
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