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5 6
Fig.5 Undirected w eighted graph Fig. 6 Generation of ignition
1 2
Tab. 1 Computat ion information record Tab. 2 Computation informat ion record
n n n
n 2 n flag
1 4 2 1 1
2 4 1 2 1
3 3 9 3 0
4 7 3 4 0
5 9 4 6 5 0
6 2 7 6 0
7 1 8 7 0
8 1 7 8 0
9 2 7 9 0
3 4
Tab.3 Computat ion information record Tab. 4 Computation informat ion record
n n n
n n flag
1 0 1 1
2 0 2 1
3 8 2 3 1
4 0 0 4 1
5 0 0 5 1
6 0 0 6 1
7 0 0 7 1
8 8 1 8 1
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T he solution-based DPCNN to the mimimum spanning tree
of undirected weighted graph

YANG L+yun, ZHOU Dong-ming, ZHAO Dong-feng, ZHANGN Shae-tang

(Department of Communicat ion Engineering, School of Information, Y unnan University, Kunming 650091, China)

Abstract: It is presented anew algorithm to find the minimum spanning tree on the basis of the pulse par-
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allel transmission characteristic of DPCNN( Delay Pulse Coupled Neural Netw ork) . A ccording to the character
of the minimum spanning tree, the minimal w eight summation and connectivity, algorithm combines DPCNN
together and finds the shortest path of undirected weighted graph, then judges the connectivity. By the itera
tive method, this algorithm can be used to find the minimum spanning tree of undirected weighted graph. Fi-
nally, it is given the simulation experiment to show its availability. T herefore, it is clear that it is more advanta
geous than the traditional ways.

Key words: delay pulse coupled neural netw ork; minimum spanning tree; undirected weighted graph

Constrained star partition problems

1 . 2 . .2
ZHANG Tong-quan , LI Wetdong™, LI Jiarping
(1. Center for Nonliner Complex Systems, School of Physical Science and Technique, Yurnman University, Kunming 65009 1, China;
2. Department of Mat hemat ics, School of Mathematics and Statistics, Yunnan University, Kunming 650091, China)

Abstract: Two problems of star partition with some restrictions on edge weighted graphs were considered
here, i. e. minamal cardinality S( L ) partition problemand Minamal cardinality S 3 (L ) partition problem, the
following results were obtained, () Minamal cardinality S ( L) partition problem’ s NP-Completeness was
proved on general graphs; @ Minamal cardinality S 3( L ) partition problem’ s NP-Completeness was proved
on general graphs, too, and for any small number€, there is no ( 3/2— €-approximate algorithm for Minamal
cardinality S 3('L) partition problem on general graphs, unless P= NP.

Key words: minamal cardinality; S( L ) partition problem; S ¥ (L) partition problem; NP-Completeness;

approximate algorithm



