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A bstract: A ccording to elderly people body real-tim e care problem in rehabilitation centers and nursing hom es, a hu-
man-body ADL real-tim e care system design m ethod based on Intemetof things w as proposed. In order to im prove data
transm ission real-tim e perform ance of the system , a new data transm ission algorithm based on Bayesian netw ork w as

presented, and the sensor under the Bayesian netw ork distribution m odel and algorithm were built. Cycle tin e was

reduced significantly and the system 's real-tin e and robustmess were im proved by using this algorithm . A bnom al

conditions detecting quickly and its practical application significance were benefits of this m ethod. Finally, the

param eters of B ayesian netw ork and the effectiveness of thism ethod w ere verified by experim ents.
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