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Decoding Optimization in Tree Transducer based Translation Model

Shi Chongde Qiao Xiaodong Wang Huilin
(Institute of Scientific & Technical Information of China, Beijing 100038, China)

[ Abstract] This paper proposes two methods to improve the efficiency of rule binarization and decoding in tree transducer
based translation model. The authors convert synchronous transducer rules to four kinds of binary rules to reduce the tem-
porary items, and propose RR — CKY decoding algorithm, which can avoid part of redundant items along with decoding.
The experiments show that these two methods can reduce the number of temporary items and make decoding faster. They
can also improve the quality of machine translation.

[ Keywords] Machine translation Tree transducer based translation model ~Parsing RR — CKY algorithm
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