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Reseach on APARCH Models with Skewed & Fat — Tailed Distributions

ZHANG Jia-ping' >
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Abstract: The asymmetry of financial return distribution has been regarded as a " typical fact"

while less attention is

relatively paid to the skewness of financial time distribution in the current literature. For the limitation of estimation methodolo—

gy and computation performance volatility models assume that the distribution of residuals is normal distribution or symmetri—

cal fat — tailed distribution

such as t or generalized error distribution. Modeling skewness is much complicated than modeling

fat tail. The author constructs the skewed and fat — tailed distributions based on symmetric distributions by using Fernandez —

Steel method. And the author studies the prediction of volatility together with APARCH model. Compared with volatility mod—

els with symmetrical distribution empirical results show that there are significant influences of the skewness on simulation and

prediction of volatility models.
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