(AR B 5 IR AR) AT, % F 23R
R G| A LA £ P TF-IDF Jr ik a9 set AR5 [ 1], 3R B 3 H 43K ,2013(10) ;27 -30.

¥ 238 #1 2013 F % 10 H7

XAy Ry TE-IDF Jy 14 iy g0k wf 2

EftR F%KiE
(AAMKRFAXERESLR 450 350108)

(] FHXS TF-IDF FE7F 5328 SCAR S A 50 J A7 A £ I B IBURR AE (B 2800 22 1 [ L, & 14 0 P R A P 7 258 i) oy B
AL LE AR AL (EL7E 2 ) B A YR L L et TF-IDF 9% o S8 e WA Tk J5 1 TF-IDF J5 32 4 JUR) 53¢
ARFIEAE, - BC A5 1A B SUISR AN 20285 , BHAT W T SCAS 70 JE A R 5 A W2 3 vy, EL 2P S BE b .

(Kgim] M4 TF-IDF  RIT SCARME

[43%S] TP391

Improved TF-IDF Method in Text Classification

Qin Shian Li Fayun
(School of Public Administration and Policy, Fuzhou University, Fuzhou 350108, China)

[ Abstract] When the count of one class is much more than another class’s, the result of IDF in TF-IDF goes the wrong
way according to its design idea. This paper solves the problem by using probability to change TF-IDF algorithm. In the
end, the experiment proves that the solution mentioned above is good at classifying webpage text through a simple way to
cumulative sum the value of characteristic words and the speed is faster and the accuracy rate is promoted.
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