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Building Default Discriminating NN Model on Firm’ s Short Term Loan
Data Considering Qualitative Indexes and Misclassification Loss

GUO Jian wei, TANG Chun yang, FENG Zong- xian
(X7 an Jiaotong University, X{ an 710061, China)

Abstract: To date, using models to predict whether firm’ s default is still a problem. It shows as follows: a.

most models using pair wise pattern; b. lack of qualitative indexes that affect firm’ s default; c. asymmetric

misclassification loss between nommal firm and default firm. So, introducing qualitative indexes, using all sam-

ples and considering misclassification loss, this paper builds a neural network model on shorttern+loan data.

T hough training, and testing, its performance is good.

Keywords: neural network; qualitative indexes; misclassification loss



