F294% FHILH 5 5 & Vol.29 No. 11
2013 =11 H JOURNAL OF SIGNAL PROCESSING Nov. 2013

i Z-HOG Hirte N & iZF R

WIEF K

(BULAFEERFEIRER RE 5 066004)

i E. HOG Bksen MR T 10 SR E RS, BT A, WS e Bkl e i rh 2l i, B
XA HOG Sk Rl A B BE A SR 345 8L, AR SCIR I 2K T HOG (986 1 it AN 45 6 (19 H PR A 3305 04
ST H BRI R o 5 TR R A R AT SRR BE AR S, AR L 0 (E A T M SRR, S
AR A BT IR s SRIA A AR BT IRIARRAE S HOG S EATIE S, M BOHT 1Pk RE B AF IS AR IR 1, foeJm ff i
—FHERIR T TR ISR . 78 ETZH FEARKOE 5 A INRIA S5 DU 3 1 SEIR 2 R W, A SRk Re g s 4y
MG H BRI SR o RS B

REEIR: Jr BRI MERED I HARS

hESES: TP391 CERFRIRES: A NEHS: 1003-0530(2013)11-1470-06

Research of Curvature-HOG Object Detection Algorithm

HU Zheng-ping ZHOU Shuang

(School of Information Science and Engineering & Yanshan University. Qinhuangdao, Hebei 066004, China)
Abstract: The HOG descriptor takes full advantage of the information of gradient direction and amplitude distribution,
which is widely applied in pedestrians, vehicles and other specific object detection and location task. In order to introduce
curvature information and gradient information to the HOG descriptor, this paper proposes an improved object detection al-
gorithm based on HOG algorithm. Firstly, calculate the curvature information and gradient information, apply the gradient
amplitude and direction as constraint condition to obtain curvature distribution histogram, and then build a new feature de-
scriptor with better detection performance, finally, use the new feature vector to detect objects. Experiment results in the
shape ETZH database and INRIA horse database show that the proposed algorithm can obtain better detection performance

and a higher accuracy.
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