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Abstract: To reconstruct the original signal from a séitot Yinear, ta€asurements with noise, the cosparsity analytical model
theory was analyzed and the hard thresholding orthégonal projection algorithm under the cosparsity analysis model was
proposed. The cosparsity orthogonal projection straiéfy Was usédto improve the iterative process for the proposed algorithm,
and the methods for selecting iterative step size\and the lengtvof cosparsity were given. The sufficient condition of convergence
for the algorithm and the reconstructed signal error rafigeNbetween the reconstructed signal and the original one were provided.
The experiments show that the CPU running time %f the algorithm is only equal to 19%, 11% and 10% of AIHT, ALl and
GAP algorithms, and the average Peak Signal-tezNoise Ratio ( PSNR) of reconstructed signal improves 0. 89 dB than that of
ATHT but degrades a little bit than that of AB[Yand GAP. It is concluded that the proposed algorithm can reconstruct the signal
with Gaussion noise in high probability,Witlt very short running time or faster convergence speed than that of the current typical
algorithm when some conditions aresgaisfied.
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