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Abstract: Since traditional data dedupliation methods are of low time efficiency dydvdetection accuracy, a Stepwise

Clustering Data Elimination (SCDE) method was presented based on the features of &/ ély information integration. Firstly the
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whole record set was divided into sub-sets using both key attributes dj &\ the Ganopy clustering technique, and then the
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similar records in each sub-set were accurately eliminated.
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éutity nfatching strategy based on dynamic weight was

ed the Miflugnce of missing attribute on record similarity

Z
\,

calculation, and the name of company was especially tre@ prove the matching accuracy. The results show that the
method is superior to traditional algorithms in time effiienéWandgdeiettion accuracy, and the precision is improved by 12.
and\pérforms well.
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