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Abstract: To a kind of group decison making with stochastic criteria value and weight, an approach combining
aggregation of expert’ s subject probability and choice of stochastic multicriteria aternatives is proposed based on
Bayesian theory and Monte Carlo smulation. A multivariable normal aggregation model is built to get a consensus
probability distribution of each criteria’ s value. By means of Monte Carlo smulation, weights of each criteria are
aggregated. By calculating a rank probability index which represents the probability of different rank , an aternativeis
got. Finaly, a holistic rank index embodying decision maker’ s attitude about risk is calculated as well. An example

shows the eff ectiveness of this approach.
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