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Improved genetic algorithm based on oriented crossover
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Abstract : From the aspect of solution space, the role of crossover operators is analyzed. For the disadvantage of
aimless serarch, an improved genetic algorithm based on oriented crossover is proposed , which can make the off spring
individual s evolve towards the target value by optimizing their crossover positions. The evolving probability is very
large. The smulation results show that the agorithm can improve greatly the eficiency and precison to find the
optimum val ue.
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= k+1 Step3. 0.9339
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3 SGA,AGA DGA R0
I %
SGA AGA DGA SGA AGA DGA
10 >0.99999 1 12 100 0.9904611787 0.999466743 0.9999998069
20 >0.99999 1 21 100 0.9949213587 0.999825582 0.9999999610
30 >0.99999 3 23 100 0.9980845922 0.999861088 0.9999999879
4 SGA,AGA DGA Fi13
I %
SGA AGA DGA SGA AGA DGA
20 >0.9991 41 56 99 0.9867883370 0.9927995566 0.9993260948
40 >0.9991 52 78 100 0.9945768731 0.9977253440 0.9996120529
60 >0.9991 72 84 100 0.9973695117 0.9981061258 0.9996122764
5 SGA,AGA DGA R
I %
SGA AGA DGA SGA AGA DGA
40 <0.01 7 40 91 0.1778727400 0.0278092600 0.0037800700
80 <0.01 24 62 97 0.0791409200 0.0125244300 0.0020749800
120 <0.01 34 68 99 0.0373975900 0.0112046200 0.0015494500
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6 SGA,AGA DGA

I %

SGA AGA DGA

SGA AGA DGA

40 > 0.999 1 25 59
80 > 0.999 6 37 74

120 > 0.999 9 48 92

0.9909798321
0.9921302394

0.9921708686

0.9932268488 0.9965209272

0.9944016154 0.9986545033

0.9958255727 0.9993284684

2) , 4
100 SGA AGA DGA
, DGA ,
; , SGA AGA DGA
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