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Abstract : A multi-model prediction method based on Bagging is proposed for ladle furnace, aiming at the characters of
ladle furnace metallurgic process and the disadvantages of traditional prediction methods. In this method, the Bagging
method is used to combine the intelligent method with the mechanism method efficiently. The new method can
improve the accuracy of intelligent model and overcome the disadvantages of intelligent model and mechani sm method.

Furthmore the principal component analysis (PCA) isingenioudy integrated into the new multi-model method for the

Bootstrapped data. The problem of ensemble algorithm about ensuring the accuracy of learner and the diversity of data

set smultaneoudy is solved eficiently by usng PCA.
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