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Abstract

The rolling bearing is one of the most common parts in machinery and equipment. Its normal run-
ning is related to the safety of the whole machine. So the fault diagnosis of rolling bearing is of
great significance. In this paper, the platform system to collect normal bearing and the fault bear-
ing vibration signals is established. According to the principle of feature selection, the time do-
main and frequency domain features are extracted and the eigenvalues are normalized. BP neural
network has been trained based on the bearing characteristics of known state. Bearing of un-
known state is identified by using the established network, and it is proved that this method has
got a very good effect.
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Figure 1. Normal and fault bearing signals zero mean contrast figure
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Table 1. Rolling bearing vibration signal time domain features
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Figure 2. Normal and fault bearing signals time domain features contrast
figure (zs = 20 rpm)
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Table 2. Rolling bearing vibration signal frequency domain features
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Figure 3. Normal and fault bearing signals frequency domain
features contrast figure (zs = 20 rpm)
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Figure 4. Normal and fault bearing signals frequency do-
main features contrast figure at three different speeds
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Table 3. Rolling bearing vibration signal frequency domain features
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Figure 5. Normal and fault bearing signals frequency domain
features contrast figure (zs = 20 rpm)
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Table 5. Rolling bearing vibration signal normalized features
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