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Torpedo Load Reliability Assessment Using Bayes Methods
MENG Fan-liang, LINGHU Xi-huan, SUN Ji-hong

(Department of the Navel Equipment, Houma 043003, China)

Abstract; Torpedo Load Reliability is an important indicator of torpedo Reliability. Since the objective
conditions, it’ s very difficult to assess the load reliability of torpedo using traditional methods. On the ba-
sis of analyzing the Reliable source of information, a Bayes Assessment Method of integrating prior informa-
tion and a posteriori information was put forward. This paper analyzes the structure prior information

sources and test information, and gives the pretest data processing methods and test data. Finally, the
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method is proved to be effective and scientific by giving an example.
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