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Abstract; With the development and popularization of information technology, the amount of information
in today’ s society has shown explosive growth trend. It is quite amazing in the data amount either or both
in the increase in the rate, and then the data-intensive computing emerged. Data-intensive computing is a
data center, and the system is responsible for obtaining, maintaining continuous change data sets, and
while large-scale computing and processing on these data sets. This paper showed a brief overview of the
concepts and features data-intensive computing and introduced the two basic principles of data parallelism,
data locality and applications of data-intensive computing, and focused on the development status of data-
intensive computing and the prospect of the development trend of its technology.
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