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abstract

Although there is a large body of research devoted to the issue of the de-
terminants of welfare caseloads, none of these studies has incorporated
the effects of child support enforcement (CSE). We employ annual state
panel data from 1980 to 1999 and � nd that states with more effective
CSE have signi� cantly lower welfare caseloads. The improvement in CSE
over this period reduces welfare caseloads by about 9 percent in 1999.
We also discover that individual child support variables may not be good
indicators of state CSE vigor and that a CSE index that includes multiple
dimensions of CSE is more likely to capture the multiplicative functions of
CSE.

I. Introduction

As a consequence of increasing rates of nonmarital births and di-
vorces, the proportion of American families with children that are headed by single
mothers rose sharply in the last quarter of the twentieth century. One of every eight
families with children was headed by a single mother in 1970. By 1998, the propor-
tion had doubled to one of every four. Unfortunately, the economic insecurity of
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single-mother families remains dangerously high. Nearly 40 percent are poor and
another 45 percent are near-poor (below 200 percent of the poverty line) (U.S. House
of Representatives 2000).

The rising number of single-mother families and their persistent disadvantage has
increased public and political concerns over the roles of welfare and child support.
In response to the increase of divorced and never-married mothers in Aid to Families
with Dependent Children (AFDC) caseloads, state and federal legislators have taken
a number of steps to prevent nonresident fathers from abandoning their children
� nancially and to increase the responsibility of resident mothers (for a brief history,
see Gar� nkel, Meyer, and McLanahan 1998). In 1975, Congress created the Child
Support Enforcement (CSE) Program, which established state of� ces of CSE and
authorized Federal matching funds for states to help locate absent parents, establish
paternity, establish child support orders, and obtain child support payments. From
1981 through 1999 (with the exception of 1983, 1985, and 1991), Congress passed
new laws every year strengthening child support (Lerman and Sorenson 2000). The
1984, 1988, and 1996 bills were the most important. The 1984 Child Support Amend-
ments required states to develop legislative guidelines to be used in determining
child support awards and to withhold child support obligations from the paychecks
of delinquent fathers. In 1988, the Family Support Act mandated states to adopt
presumptive guidelines for child support awards and to initiate automatic withhold-
ing from fathers’ paychecks, regardless of delinquency. The Personal Responsibility
and Work Opportunity Reconciliation Act (PRWORA) of 1996 reinforced paternity
establishment by streamlining the legal processes for establishment, requiring states
to adopt in-hospital voluntary paternity establishment programs, and providing man-
datory genetic testing in contested cases. It also strengthened income withholding
by reducing the time for employers to remit withheld wages to seven business days
and allowing issuance of electronic withholding orders by State agencies without
notice to obligors. The collection system is changing from one where payment is
often discretionary to one where payment is compelled and automatic (Legler 1996;
Wolk and Schmahl 1999).

State and federal legislators also have passed a series of proposals designed to re
duce the welfare eligibility of single mothers and increase the costs of single mother-
hood. These initiatives included a series of welfare waivers in the late 1980s and
� rst half of the 1990s that lowered welfare bene� ts, imposed work requirements,
and limited eligibility. This trend culminated in the 1996 PRWORA, which replaced
AFDC by Temporary Assistance for Needy Families (TANF), eliminated the entitle-
ment to welfare, substantially tightened work requirements, and limited total lifetime
eligibility to � ve years.

Large � uctuations in average monthly AFDC-Basic caseloads over the past 20
years have spawned a round of welfare caseload studies. The average monthly case-
load was around 3.6 million between 1975 and 1981, and then despite the severe
recession in 1981–82, declined to 3.2 million in 1982. Most analysts attribute this
drop to the reductions in welfare eligibility enacted by the 1981 Omnibus Budget
Reconciliation Act (OBRA). Between 1982 and 1990 caseloads rose slowly but
steadily to 3.8 million. In response to the recession of the early 1990s, caseloads
increased from 3.8 million in 1990 to 4.6 million in 1994. After 1994, caseloads
began an unprecedented decrease to 4.1 million in 1996 and 2.6 million as of the
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end of 1999. Numerous studies have found that the changes in demographics, macro-
economic conditions, political party, and AFDC program characteristics help to ac-
count for the changes over time (CBO 1993; CEA 1997, 1999; Mof� tt 1992, 1999;
Wallace and Blank 1999; Figlio and Ziliak 1999; Schoeni and Blank 2000; Ziliak
et al. 2000; Blank 2001; Klerman and Haider 2001; O’Neill and Hill 2001).

What is missing from the studies of welfare caseloads is the effect of CSE. Both
reductions in welfare bene� ts and increases in child support payments will decrease
welfare caseloads. Perhaps because direct effects are more obvious and easier to
document compared with indirect effects, academic studies as well as the popular
media have paid more attention to changes in welfare policies than to changes in
child support policies in accounting for changes in welfare caseloads. For a number
of reasons, this omission is both surprising and regrettable. First, policy makers
strengthened CSE in the belief that doing so would improve collections and thereby
reduce welfare costs and caseloads. Second, there is evidence that CSE has improved
collections, especially among fathers whose children are likely to be on welfare.
Third, as we show below, there are good reasons to expect, and fairly strong empiri-
cal evidence to support the belief, that strong CSE will reduce welfare caseloads.
Finally, while cuts in welfare bene� ts and increases in child support payments both
decrease welfare caseloads, the former reduces the economic well-being of single-
mother families while the latter increases it. Thus previous studies of welfare case-
loads are incomplete.

In this paper we test the hypothesis that strong CSE is associated with lower
welfare caseloads. The results indicate that states with more effective CSE have
signi� cantly lower welfare caseloads, suggesting that future caseload studies should
incorporate the effects of CSE. In the next section, the theory and empirical evidence
that motivate our analysis are discussed. In the third and fourth sections, we describe
our analytical methods and data. After that, the effects of CSE on welfare caseloads
are presented. In the � nal section we discuss our results and their implications for
both policy and future research.

II. The Multiple Effects of Child Support
Enforcement on Welfare Caseloads: Theory and
Previous Literature

Child support enforcement can decrease welfare caseloads both by
reducing the proportion of single mothers who receive welfare and by reducing the
prevalence of single mothers. Strong CSE reduces the proportion of single mothers
who will rely on welfare both by increasing the economic security of mothers outside
welfare and by being more complementary to work (Gar� nkel, Heintze, and Huang
2001). Increases in child support payments increase the mother’s income and thereby
reduce the mother’s need and eligibility for welfare. Compared with welfare, child
support is more complementary to work because as the mother’s earnings increase,
child support payments fall much less rapidly than welfare bene� ts and in many
states child support does not decline at all. A number of studies document that child
support reduces poverty and welfare caseloads effectively (Robins and Dickinson
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1985; Robins 1986; Gar� nkel, Robins, Wong, and Meyer 1990). In terms of � ows
into and out of welfare, two studies (Meyer 1993; Huang, Kunz, and Gar� nkel 2002)
using longitudinal data � nd that child support payments signi� cantly increase the
likelihood of exiting welfare and decrease the probability of reentering welfare.

Though economic theory does not yield general conclusions about the effects of
strong CSE on nonmarital births or divorce, theory suggests that in the presence of
a welfare system, deterrence effects are likely. Stronger CSE increases the income
of the custodial or resident parent and reduces the income of the nonresident parent.
To simplify, yet account for most cases, we call resident parents mothers and nonresi-
dent parents fathers. If CSE is tougher, mothers will be more prone to parent a child
out-of-wedlock and to divorce, while fathers will be less prone to do either. Which
effect will dominate cannot be ascertained in general. But Nixon (1997) shows that
stronger enforcement is more likely to deter divorce among couples where the di-
vorced wife would rely on welfare. And, Willis (1999) � nds that in the presence of
a shortage of males and relatively high female income (which is produced by wel-
fare), theory predicts stronger enforcement reduces nonmarital births. One simple
though not quite full story is that among couples where the mother goes on welfare
if she has a nonmarital birth or is divorced, welfare removes or at least reduces the
bene� t of strong enforcement. Consequently, the effect of enforcement on the in-
comes of these mothers and fathers is asymmetrical. In sum, previous explorations
of economic theory predict that in conditions that pertain in the United States today,
stronger CSE will reduce nonmarital births and may reduce divorce. Further, there is
empirical con� rmation that stronger enforcement reduces marital disruption (Nixon
1997), and out-of-wedlock childbearing (Case 1998; Blau, Kahn, and Waldfogel
1999; Huang 2002; Gar� nkel, Huang, McLanahan, and Gaylin 2003).

In short, theory strongly suggests and empirical research con� rms that strong CSE
decreases welfare participation by increasing the income of single mothers and by
deterring single-motherhood. The total effect on welfare caseloads could be quite
substantial even if each of the individual effects were only small to modest.

There is also a relatively large body of research devoted to predicting welfare
participation and welfare caseloads (see Mof� tt 1992, Figlio and Ziliak 1999, Blank
2001, 2002 for thorough reviews). In studies done in the 1980s, the focus was on
the effects of welfare program characteristics on the participation decision. Although
the data and methods are different, the results across the studies are remarkably
consistent in showing that welfare participation is an economic decision. Higher
caseloads are associated with higher welfare bene� ts, and also with higher unem-
ployment rates and lower wages as well as fewer other sources of income (which
include but are neither limited to nor dominated by child support payments). Women
who are less educated, older, in poorer health, and with more and younger children
are more likely to participate in welfare.

Welfare caseloads, as mentioned above, increased greatly in the early 1990s and
then abruptly decreased after 1994 during a period when guarantees and tax rates
did not change much. Not surprisingly, most studies in the 1990s have shifted their
focus to other factors such as demographic, macroeconomic, political, and welfare
program factors. Among these factors, strong macroeconomic performance and wel-
fare reform are most credited for the changes. The U.S. Council of Economic Advis-
ers (CEA 1997) used annual state-level panel data for 1976–96 and modeled welfare
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caseloads as a function of unemployment rates, welfare waivers, and AFDC maxi-
mum bene� t guarantees. The CEA study concluded that 44 percent of the decline
in welfare receipt from 1993 to 1996 can be attributed to economic growth and that
31 percent is related to welfare waivers. Wallace and Blank (1999) used annual state
data for 1980–96 and a rich set of control variables to examine the changes in welfare
participation. They found that caseloads are strongly affected by macroeconomic,
welfare waivers, programmatic, and political factors. In the 1994–96 simulation,
economic factors contribute 47 percent of caseload decline and welfare waivers ac-
count for 22 percent of the decline. Ziliak et al. (2000) argued that the use of annual
caseloads masks the importance of short-run dynamics in caseload levels, and thus
employed monthly state-level data and a more dynamic speci� cation to examine
AFDC caseloads. They used 1987–96 monthly data and attributed 66 percent of the
caseloads decline between 1993 and 1996 to macroeconomic factors and a negligible
effect to welfare waivers. Figlio and Ziliak (1999) further conducted an extensive
reconciliation between the � ndings in Ziliak et al. and those of the CEA, and con-
cluded that these differences are largely due to the fact that the CEA used a static
model while Ziliak et al. employed a dynamic one, and that the primary consequence
of controlling for caseload dynamics is to reduce the role of welfare reform relative
to macroeconomic factors in generating the decline in AFDC caseloads.

Several papers extend the data period to post-1996 and compare the TANF era
with the AFDC period (Council of Economic Advisers 1999; Grogger and Michalo-
poulos 1999; Wallace and Blank 1999; Rector and Youssef 1999; Schoeni and Blank
2000; O’Neill and Hill 2001; Grogger Forthcoming). They found welfare policy had
a bigger effect in the TANF period, while unemployment had a lesser impact on
caseloads. For example, the CEA (1999) indicates that the 1996 PRWORA has been
a key contributor to the recent decline of the caseloads. TANF accounts for one-
third of the caseload reduction from 1996 to 1998 while the improvements in the
labor market account for 8 to 10 percent.

Unlike previous studies that were based on the stock of caseloads, Klerman
and Haider (2001) used a stock-� ow approach to examine welfare caseloads. They
argued that the stock approach, which assumes welfare caseloads are static and are
a function of explanatory variables, is problematic because welfare receipt is also
dependent on the previous history of welfare receipt, or negative duration depen-
dence. Such dependence is well-supported by previous welfare-� ow studies (Hutch-
ens 1981; Bane and Ellwood 1986, 1994; Hoynes 2000). Using 1989 to 1998 Califor-
nia data (the national data for the stock-� ow approach is not available), they modeled
welfare caseloads into two parts, entry and continuation rates, and allowed these
rates to vary with explanatory variables. They found that approximately 50 percent
of the caseload decline in California can be attributed to economic factors, substan-
tially larger than the 20–35 percent estimates that are obtained from the stock ap-
proach.

In short, the results across studies are consistent in that both welfare and economic
factors underlie the decline of the caseloads, although the relative contributions of
a strong economy and welfare reform are in dispute. However, in view of the strong
theoretical and empirical evidence that CSE matters, it is surprising that these studies
do not incorporate the effects of changes in CSE.
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III. Methods

The primary analysis technique is � xed-effects regression with wel-
fare caseloads as the dependent variable, and child support enforcement, demo-
graphic, economic, welfare, and political variables as independent variables. Fixed-
effects models are run as ordinary least squares (OLS) regressions with state and
year binary variables and state-speci� c time trends as the � xed effects. The model
speci� cation uses the natural logarithm form and is given by:

(1) ln yit 5 a i 1 b1*CSE it 1 b2*c it 1 d t 1 h it 1 e it

where yit is welfare caseloads measured for state i at time t, ai is the individual state
effect (which is taken to be constant over time), CSE is a child support enforcement
variable, c is a vector of demographic, economic, welfare, and political variables,
dt is the time effect (which is taken to be constant across states), h is the state-
speci� c time trends (which is the interaction of state dummies and the linear time
trend variables), b is a regression coef� cient, and eit is the cross-section time-series
error component. Note that with state and year effects and state-speci� c time trends,
the only way in which a variable can in� uence the dependent variable is through
its deviation from linear time trends in the state. Variables that are largely constant
over time within states or affect all states in a given year such as the Earned Income
Tax Credit (EITC) will be subsumed within the state and year � xed effect. (It is for
this reason that the EITC has not been included in the welfare caseloads studies).

The coef� cient b1 in Equation 1 may be biased if CSE is endogenous. States with
high caseloads may have a greater incentive to enforce child support. Consequently,
the error term of Equation 1 is correlated with CSE and OLS generates biased coef� -
cients. In results not shown, female legislator ratio was used as an instrument to
correct this potential endogeneity in two-stage least square regression, but most of
the estimates are not substantially different from the ones from OLS. Female legisla-
tor ratio, however, may also affect other government programs, such as the generos-
ity of welfare and child care bene� ts, which affect welfare caseloads and thus may
not be a good instrument. Like some previous analyses of welfare caseloads, we
also estimate dynamic versions of the Model 1 by including lagged welfare caseloads
as an independent variable. In results not shown, the estimates of CSE are still sig-
ni� cant although the magnitudes are reduced substantially due to the dynamic speci-
� cation. Klerman and Haider (2001) provided evidence that including a lagged de-
pendent variable in combination with the � xed effects could cause a Nickell bias
that results in biased estimation in dynamic simulation, although it may identify the
underlying structure of the stock-� ow model if the continuation rate does not vary
with duration.

Previous studies use different variables to measure the strength of a state’s CSE,
including state child support legislation, per capita child support expenditure, pater-
nity establishment rate, payment rate, average payment, and collection effectiveness
(Nixon 1997; Case 1998; Sorensen and Halpern 1999; Freeman and Waldfogel 2001;
Gar� nkel, Heintze, and Huang 2001; Huang 2002; Huang, Kunz, and Gar� nkel 2002;
Gar� nkel et al. 2003; Huang, Han, and Gar� nkel 2003). A common dif� culty experi-
enced by previous studies is that not all of the CSE measures have the right direction
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or show signi� cant effects. This may partly be due to the dif� culty of measuring
the effect of individual legislation or efforts and partly to the ambiguity of the correct
speci� cation of CSE. A successful enforcement of child support requires three steps:
establish a legal child support order; determine award amount; and collect the pay-
ment. Moreover, effective CSE requires strict child support legislation, suf� cient
expenditures, and strong implementation. The bene� cial effect of child support legis-
lation would not be observed unless strong and effective enforcement is implemented
(Freeman and Waldfogel 2001; Huang, Kunz, and Gar� nkel 2002). Most studies,
however, measure one dimension of CSE. For example, Case (1998) emphasizes
child support legislation and does not include measures of states’ abilities to imple-
ment. Nixon (1997) uses payment rate, average payment, and accounts receivable
to measure state CSE and does not include legislation activity.

Effective CSE is derived in part, but not in whole, from laws. Good laws that
are not effectively enforced may have little effect. Thus, it seems reasonable to hy-
pothesize that welfare caseloads will be more strongly related to effective enforce-
ment practices than to laws per se. While utilizing measures of child support pay-
ments has advantages, there are disadvantages as well. Most important, not all of
the effects of child support laws on welfare caseloads operate indirectly through
their effects on child support payments. For example, laws that strengthen the re-
quirements for mothers receiving AFDC/TANF to cooperate with OCSE of� cials in
the establishment of paternity and enforcement of support could deter mothers from
applying for welfare even if the law had no effect on child support payments. Simi-
larly, laws strengthening paternity establishment could affect father’s marriage and
fertility behavior rather than payment behavior. Because CSE is a multiplicative
function of the probability of having a legal obligation, the level of the obligation,
and the probability of paying the full obligation, individual child support variables
may not be a good indicator of state CSE, and this may be the reason that individual
child support variables do not show consistent results in previous studies.

Thus, to capture the strength of a state’s CSE, we create a CSE index that includes
state child support legislation, expenditures, and implementation ability. First, a leg-
islative index is created to measure the vigor of state child support legislation (for
an earlier example of a legislative index, see Freeman and Waldfogel 2001). The
legislative index includes eight measures of child support legislation (values range
from zero for states with no law to eight for states with all eight laws) and covers
steps for establishing paternity, obtaining an award, and collecting child support
payments: genetic tests, paternity establishment, numerical guidelines, presumptive
guidelines, wage withholding under delinquency, immediate wage withholding for
a new case, universal wage withholding, and state income tax refund interception
(for detailed information on these child support laws, please see Huang 2002 and
Huang, Kunz, and Gar� nkel 2002).

Second, we create a measure of CSE expenditures. Previous studies use child
support expenditures, reported by the Of� ce of Child Support Enforcement (OCSE),
divided by number of single-mother families in that state to measure the per capita
child support expenditure (Freeman and Waldfogel 2001; Huang, Kunz, and Gar� n-
kel 2002). However, it is not clear this is correct speci� cation of per capita child
support expenditure. The caseloads of OCSE include not only single-mother cases
but also remarried ones. Also, federal child support law requires each state OCSE to
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provide services to all welfare families and to offer to provide services to nonwelfare
families. As a result, state OCSE is more likely to spend money on current or former
welfare cases. Thus, we create four alternative variables to measure per capita child
support expenditure, in which each state’s child support expenditures are divided
by number of single-mother families, total OCSE caseload, total OCSE current and
former welfare caseload, and total OCSE current welfare caseload.

Finally, we create a measure of the state’s CSE implementation ability, using
three variables: collection rate, amount, and effectiveness. The collection rate is the
proportion of single-mother families on welfare who receive any child support, and
the collection amount is the average child support payment for families on welfare,
calculated as total state child support collection for families on welfare divided by
the total number of families on welfare. The collection effectiveness is de� ned as
the child support collection amount in a state divided by the child support amount
owed under the Wisconsin guideline for that state (Gar� nkel 1992). The collection
effectiveness is the most comprehensive measure of the strength of a state’s CSE
system because it captures the effects of: 1) the probability of establishing a legal
child support obligation, 2) the dollar value of the obligation, and 3) the degree to
which the obligation is paid. The collection rate and amount, while not quite as
comprehensive as collection effectiveness are still very good measures of the strength
of a state’s enforcement system because they re� ect success at both getting a child
support award and securing a payment.

In addition to these variables, we create a variable to measure the level of child
support payments relative to welfare generosity in each state, calculated as state
average child support payments divided by maximum AFDC/TANF bene� ts. The
higher the proportion of child support payments relative to welfare bene� ts is, the
more likely it is that single mothers would move out of welfare caseloads.

IV. Data

The data for this study came from several sources. In previous stud-
ies, welfare caseloads have been de� ned as AFDC-Basic caseloads divided by the
state population or by the female population aged 15–44. Although both measures
adjust for state size, the latter one is preferred because it takes account of the size
of the population at risk in that state and therefore we follow it here.1 AFDC-Basic
caseloads come from Quarterly Public Assistance Statistics (QPAS) from 1980 to
1996 and are from the Of� ce of Planning, Research and Evaluation (OPRE) for
1997–99 (Department of Health and Human Services 2002). State female population
aged 15–44 come from the 1980–99 March Current Population Survey (CPS).

As discussed above, the key independent variable, the strength of the state’s CSE
system is measured by an index that is made up of three types of measures: child
support legislation, enforcement expenditures, and implementation ability (which

1. Both measures have been analyzed and the results are robust. We also follow Blank (2001) in using
AFDC-Basic caseloads minus child-only caseloads as an alternative numerator for the dependent variable,
and the results are similar with those using AFDC-Basic caseloads.
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includes the collection rate, collection amount, effectiveness, and the level of child
support payments relative to welfare bene� ts). The data for child support legislation
are from Huang (2002) and Huang, Kunz, and Gar� nkel (2002). Child support expen-
diture and number of OCSE caseloads are from OCSE’s annual report to Congress.
The number of single-mother families comes from 1980–99 March CPS.

We calculate the collection rate and amount from two different data sources:
OCSE and CPS. For OCSE measures, the number of families on welfare receiving
child support and the dollar amount received reported by OCSE are divided by the
number of OCSE welfare cases to measure the OCSE collection rate and amount
for current welfare mothers. The OCSE data are not reliable for tracking payments
to all families eligible for child support. Federal legislation does not require each
state OCSE to provide services to nonwelfare families. States differ on the extent
to which they incorporate nonwelfare cases into their administrative systems. Over
time, however, virtually all states have brought an increasing proportion of all eligi-
ble families into their state OCSE systems. Thus a large part of the difference among
states and over time in OCSE collections for nonwelfare families is a result of count-
ing more families in one state than in others where child support was already being
paid. The OCSE administrative data are subject to various kinds of reporting error
(Guyer, Miller, and Gar� nkel 1996). It is possible that states report child support
payments to former welfare cases as payments to current welfare cases. Though the
data matching capabilities of state of� ces of welfare and CSE have improved over
time, this type of error is still likely to occur, especially since federal law gives state
of� ces of CSE greater incentives for collecting from welfare than from nonwelfare
cases. Also, welfare caseloads dropped dramatically after 1996 PRWORA, and state
OCSE may not have had the capacity to update their caseloads promptly. Most im-
portant, mothers who leave welfare are less likely to reenter if they receive child
support (Meyer 1993; Huang, Kunz, and Gar� nkel 2002). Thus, the OCSE measures
for current and former welfare cases may be better indicators of state CSE. We create
these measures accordingly, in addition to the OCSE measures for current welfare
cases.

For CPS measures, both numerators (number of families on welfare receiving
child support and amount received) and the denominator (number of families on
welfare) are from CPS.2 The major weaknesses of the CPS measures are the small
sample size of single mothers in many states and the underreporting of welfare re-
ceipt. Sample sizes are smallest and sampling error greatest for the proportion of
welfare cases receiving child support. This problem is more serious after 1996 when
welfare caseloads dropped substantially. In the 1999 CPS, there are 773 cases of
single-mother families on welfare. About 26 states report numbers of families on
welfare as fewer than 10 cases. The underreporting of welfare receipt in the CPS is
a well-known problem and one that leads to identifying a welfare sample with error.
To reduce the impact of sampling and reporting error, we utilize three-year moving
averages for CPS measures. In addition welfare recipients receive at most $50 per
month in child support before 1996 and, in most states, receive zero payment after

2. Prior to 1989 CPS did not separate child support income from alimony. As such, child support income
is imputed for 1980–88 using the April CPS2child Support Supplement to determine the percentage of
the combined child support and alimony that is exclusively child support.
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1996. These families may underreport receipt of child support because the child
support payment comes not as a separate check, but as an addition to their welfare
check. Finally, we calculated collection effectiveness, child support collection
amount divided by the child support amount owed under the Wisconsin guideline,
from CPS. Because we need the micro data to match the guideline amount for a
given family, we are unable to calculate this variable from the aggregate data in the
OCSE reports.

In addition to CPS measures for families on welfare, we calculate the same vari-
ables for never-married mothers. Compared to divorced mothers, never-married
mothers are more economically disadvantaged and more likely to be on welfare (U.S.
House of Representatives 2000). In addition, the number of never-married mothers
increases over time and is, therefore, less likely to suffer from sampling error in
later years. In the 1999 CPS, 1,917 cases of never-married mothers were sampled
and only one state reported cases fewer than 10. The CPS measures for never-married
mothers may provide better assessments of state CSE than the CPS measures for
families on welfare.

Thus, both the OCSE and CPS measures suffer from measurement errors, the
CPS measure is subject to sampling error, while the OCSE measures may have re-
porting errors. The measurement errors of the variables may be a reason that CSE
does not have consistent results in previous studies (Case 1998; Sorensen and Hal-
pern 1999; Freeman and Waldfogel 2001; Gar� nkel, Heintze, and Huang 2001; Gar-
� nkel et al. 2003; Huang, Han, and Gar� nkel 2003). That measurement errors exist
on individual measures highlights the importance of creating a CSE index that con-
siders more than one measure. In this paper, we create a new CSE index, which
consists of the summative rating of standardized scores of child support variables,
to represent state CSE vigor. We also test the robustness of our results to alternative
indices (please see results section for discussion of the different CSE indices).

For welfare variables, maximum AFDC/TANF bene� ts for a four-person family
were collected from various Green Books. Average Medicaid expenditures for a
family with one adult and two children came from the Health Care Financing Admin-
istration. Following the 1999 CEA study, the welfare waivers include six major types
of waivers: termination time limits, work requirement time limits, family caps, JOBS
exemptions, JOBS sanctions, and the earnings disregard. A dummy variable is cre-
ated to indicate whether a state had any major waiver implemented by the survey
year. Although TANF came into effect in September 1996, the actual implementation
date varied among states. Like the 1999 CEA study, we used state actual date of
TANF implementation, and turned off the welfare waiver indicator once states imple-
mented TANF. A dummy variable is created to indicate whether a state implemented
TANF by the survey year. Data on the dates of state welfare waivers and TANF
implementation come from the 1999 CEA study.

Information on state-level demographics largely came from both U.S. Census and
CPS data. Values for the intercensal years were interpolated from the 1980 and 1990
Censuses, and values for 1991 through 1999 were updated by the 1991–99 CPS.
Demographic data include the percentage of the population that is African American
and the percentage with less than high school education. The number of newly ar-
rived immigrants is available from 1980 to 1999 from The Statistical Yearbook of
the U.S. Immigration and Naturalization Services. Male and female tenth-percentile
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Table 1
Welfare Caseloads and Participation

Variables (percentage) 1980–99 1980 1985 1990 1995 1999

Welfare caseloads / female 5.42 6.10 5.33 5.72 6.38 2.41
population aged 15–44 (2.04) (1.98) (1.68) (1.61) (1.79) (1.39)

Single mothers / female 14.37 11.38 13.72 14.23 15.92 15.93
population aged 15–44 (3.09) (1.90) (2.05) (2.74) (3.18) (3.40)

Welfare caseloads /single 38.62 53.63 38.91 40.70 40.26 15.71
mothers (14.19) (15.69) (10.97) (10.43) (9.27) (9.82)

Note: Unit is state. Standard errors appear in the parentheses

wages were computed from the 1980–99 CPS. Unemployment rates were taken from
the Statistical Abstract, U.S. Census Bureau. Political variables include the party
af� liation of the governor and the majority party of the state House and state Senate,
collected from the Book of States reports.

We use annual data because our CPS � gures and some aggregate data are only
available at the annual level. Data were complete for every variable for each state
and year. The � nal sample consists of 1,000 observations—50 states for 20 years,
1980 to 1999.3 Variables expressed in dollars were collected as nominal amounts,
and converted to real (constant) 1999 dollars using the consumer price index.

V. Results

A. Descriptive Results

Means and standard deviations of welfare caseloads and state CSE variables are
listed in Table 1 and 2. The welfare caseload rate—a state’s welfare caseload divided
by its female population aged 15 to 44—is around 6 percent over the 1980–95 period
and then falls to 2.4 percent in 1999. The rate is affected both by the proportion of
females who are single mothers and the proportion of single mothers who participate
in welfare, and the trends in these variables are quite different. The proportion of
females who are single mothers increases steadily, but at a decreasing rate. By way
of contrast, the proportion of single mothers who receive welfare declines over the
period, except for periods of economic recession.

For state CSE, it is evident that states have stricter child support legislation, allo-
cate more expenditures for enforcement, and collect more child support payments
over time. Different measures have different rates of increase. The trends in some
measures, however, indicate they may not be appropriate indicators of state CSE.

3. In another analysis, we include the District of Columbia and drop political variables that are only
available at the state level, but the results are not different from the ones reported here.
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For example, child-support expenditure per OCSE current welfare cases increases
almost six times over the period while other per capita child- support measures in-
crease less than three times. The large increase in OCSE current welfare case measure
is mainly because of the substantial reduction in OCSE current welfare cases after
1996. The collection rate also shows substantial increases for both OCSE and CPS
measures before 1996, but shows different trends after 1996. For CPS measures of
mothers on welfare, the collection rate declines, while OCSE measures and CPS
measures of never-married mothers continually increase. The decline in CPS mea-
sures of mothers on welfare may partly be due to more advantaged mothers moving
out of caseloads after 1996, thus increasing the proportion of the most disadvantaged
cases (who are less likely to receive child support payments), and partly due to
sampling errors given the small sample sizes after 1996. In contrast, the high OCSE
collection rates in 1999, 30 percent for current welfare mothers and 39 percent for
current and former welfare mothers, may suggest OCSE improved their child support
collection on current and former welfare cases after 1996, but may also be due to
measurement and reporting errors of OCSE (Guyer, Miller, and Gar� nkel 1996).
These � ndings, again, highlight that an individual child support variable may not
be a good indicator of state CSE vigor. Finally, the collection effectiveness and level
of child support payments relative to maximum welfare bene� ts show substantial
increases for both CPS and OCSE measures.

As mentioned earlier, we create a CSE index to represent state CSE vigor. Because
we are less con� dent of OCSE measures of current welfare mothers, our preferred
index is composed of the summative rating of standardized scores of 13 child support
variables in Table 2: Child support legislation (Variable 1), child support expenditure
per OCSE current and former welfare cases (Variable 4), three OCSE collection
measures of current and former welfare cases (Variables 6–8), and all eight CPS
collection measures (Variables 12–19) (please see next section for discussion of the
different CSE indexes). The Cronbach’s alpha of this index is 0.92 and indicates
high reliability of the index.

State environments changed over the period as well (shown in appendix). Some
of these changes, such as the decrease in wage rates, are expected to increase case-
loads. Other changes, such as the decrease in AFDC/TANF bene� ts, implementation
of welfare waivers and TANF, and increase in education attainment, are expected
to decrease caseloads. In short, welfare caseloads � uctuate over the period, and this
is accompanied by improvements in CSE and changes in states’ welfare and socio-
economic environments. The decline in welfare participation among single mothers
and the rate of growth of female headship are consistent with the hypothesis that
improvements in CSE have led to decreases in welfare caseloads. These simple time
trends, however, do not control for the effects of other variables or for the differences
across states and time.

Figures 1 and 2 explore further the relationship between CSE and welfare case-
loads over time and across states. Figure 1 exhibits a scatterplot of state welfare
caseloads and our state CSE index over the 1980–99 period. Figure 2 displays the
percent change of caseloads and CSE index realized every two years in each state
(between 1980 and 1981, 1981 and 1982, and so on). There are 1,000 cases in Figure
1 (50 cases * 20 years), and only 950 cases in Figure 2 (50 cases * 19 years of
change). For Figure 1, the correlation coef� cient is 20.33 (p , .01) and indicates
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Figure 1
Welfare Caseloads and Child Support Enforcement (r 5 20.33)

a strong negative relationship between state welfare caseloads and CSE. Once state-
� xed effects are removed by examining percentage changes in these variables in
Figure 2, the negative relationship between welfare caseloads and CSE is still strong
but decreases substantially, with a correlation of 20.11 (p , .01). We explore these
relationships further in the next section in the context of multivariate analyses.

1. Regression Results

Table 3 presents the determinants of state welfare caseloads for the 1980–99 period,
estimated from OLS regressions. Model 1 includes all the independent variables,
except CSE. The state CSE index is added into Model 2 (the results for alternative
CSE indices and individual child support variables are reported in the following
table). Both models take account of state, year, and state-time trend effects. Consis-
tent with previous studies, our results in Model 1 show that unemployment has a
strong and long-term effect on caseloads. A 1 percent increase in the unemployment
rate in the current year would raise the caseload share by 0.2 percent in the current
year, another 1.4 percent in the next year, and 3.0 percent in the second following
year. The total effect of a one percentage point increase in the unemployment rate
on caseloads would be 4.6 percent. This number is in the middle of previous esti-
mates—higher than Blank’s 3.7 percent (2001, Table 2 Column 3), but lower than
Wallace and Blank’s 4.7 percent (1999, Table 2 Column 3) and the CEA’s 5.4 per-
cent (1999, Table 2 Column 1). The difference may be due to the data period and
model speci� cation.
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Figure 2
Percentage Change in Welfare Caseloads and Child Support Enforcement
(r 5 20.11)

As expected, better employment prospects as measured by the male and female
tenth-percentile wages reduce welfare caseloads. A 1 percent increase in the male
tenth-percentile wage would reduce caseloads by 0.5 percent, and an equivalent magni-
tude increase in the female tenth-percentile wage would lead to a 0.3 percent decrease
in caseloads. The results highlight the importance of the economic opportunities of
low-income men and women. An increase in the wage for a low-income man raises
a man’s potential marriage prospects, which indirectly reduces caseloads by increasing
marriage (Huang and Mincy 2002). An increase in the wage for a low-income woman
has a direct effect on her income, which decreases her probability of being on welfare.

States with a stricter welfare policy or more limited bene� ts have lower welfare
caseloads. States with any major welfare waiver reduce their caseloads by 7 percent.
The implementation of TANF is associated with a 10 percent decline in welfare
caseloads. A one percent decrease in AFDC/TANF bene� ts will reduce caseloads
by 0.25 percent. The estimate of welfare waivers found here is higher than Wallace
and Blank’s 4 percent (1999, Table 2 Column 3) but lower than the CEA’s 9 percent
(1999, Table 2 Column 1). For TANF implementation, the estimate, 10 percent, is
lower than the CEA’s 18 percent. The estimate of AFDC/TANF bene� ts is similar
to Blank’s 0.24 percent (2001, Table 2 Column 3) and Wallace and Blank’s 0.20
percent, but higher than the CEA’s 0.15 percent. These numbers suggest that the
CEA’s model, without a rich set of socioeconomic covariates, is more likely to over-
estimate the effects of welfare waivers and TANF implementation and to underesti-
mate the impacts from other variables.



124 The Journal of Human Resources

T
ab

le
3

D
et

er
m

in
an

ts
of

St
at

e
W

el
fa

re
C

as
el

oa
ds

,
19

80
–

99

M
od

el
1

M
od

el
2

R
ob

us
t

R
ob

us
t

V
ar

ia
bl

e
b

St
an

da
rd

E
rr

or
s

P
b

St
an

da
rd

E
rr

or
s

P

C
hi

ld
su

pp
or

t
en

fo
rc

em
en

t
in

de
x

—
—

2
4.

43
1.

98
**

U
ne

m
pl

oy
m

en
t

ra
te

0.
20

0.
63

0.
09

0.
63

U
ne

m
pl

oy
m

en
t

ra
te

,
t 2

1
1.

41
0.

66
**

1.
40

0.
66

**
U

ne
m

pl
oy

m
en

t
ra

te
,

t 2
2

2.
95

0.
58

**
*

2.
89

0.
57

**
*

L
og

(m
al

e
te

nt
h-

pe
rc

en
til

e
w

ag
e)

2
50

.1
4

10
.7

9
**

*
2

51
.6

4
10

.8
2

**
*

L
og

(f
em

al
e

te
nt

h-
pe

rc
en

til
e

w
ag

e)
2

32
.5

9
11

.5
7

**
*

2
34

.2
0

11
.4

6
**

L
og

(m
ax

im
um

w
el

fa
re

be
ne

�t
s)

24
.8

8
14

.3
6

*
24

.0
1

14
.3

5
*

L
og

(y
ea

rl
y

M
ed

ic
ai

d
be

ne
�t

le
ve

l)
1.

82
2.

02
1.

97
1.

92
A

ny
m

aj
or

w
ai

ve
r

im
pl

em
en

te
d

2
0.

07
0.

03
**

2
0.

07
0.

03
*

T
A

N
F

im
pl

em
en

te
d

2
0.

10
0.

06
*

2
0.

09
0.

06
1

R
ep

ub
lic

an
go

ve
rn

or
2

0.
05

0.
01

**
*

2
0.

06
0.

01
**

*
B

ot
h

st
at

e
se

na
te

an
d

ho
us

e
D

em
oc

ra
tic

0.
04

0.
02

*
0.

04
0.

02
*

Pe
rc

en
t

bl
ac

k
2

9.
33

6.
09

1
2

9.
89

6.
07

1
Pe

rc
en

t
w

ith
le

ss
th

an
hi

gh
sc

ho
ol

ed
uc

at
io

n
2

0.
31

1.
00

2
0.

27
0.

99
Pe

rc
en

t
im

m
ig

ra
nt

s
t2

1
2.

76
3.

97
3.

37
3.

90

St
at

e
an

d
ye

ar
ef

fe
ct

s
Y

es
Y

es
St

at
e

tim
e

tr
en

ds
Y

es
Y

es
R

2
0.

91
0

0.
91

1

D
ep

en
de

nt
V

ar
ia

bl
e

5
L

og
(A

F
D

C
-b

as
ic

ca
se

lo
ad

/f
em

al
e

po
pu

la
tio

n
ag

ed
15

2
44

).
N

5
1,

00
0.

1
p

,
0.

15
;

*
p

,
0.

10
;*

*
p

,
0.

05
;*

**
p

,
0.

01
.



Huang, Gar� nkel and Waldfogel 125

Political variables matter, too. Having a Republican governor substantially reduces
caseloads, by 5 percent, while having both the state House and Senate controlled by
Democrats increases caseloads by 4 percent. These � ndings suggest that Republican
governors and Democratic legislators are able to shape administrative processes to
affect caseloads.

Turning to the CSE index, our main independent variable, we see this has a strong
and negative effect on welfare caseloads in Model 2. Using the improvement of
CSE over the 1980 to 1999 period, this coef� cient predicts a 9 percent reduction in
caseloads. That is, without the improvement in CSE over this period, the actual
welfare caseloads would be about 9 percent higher in 1999. Including state CSE
does not notably change the � ndings from Model 1. This suggests that models that
omit CSE will probably not yield greatly biased coef� cients.

Table 4 presents the robustness tests of CSE. The � rst panel displays our preferred
CSE index and alternative indices that include different items of child support vari-
ables in the second panel. Each index or individual child support variable is entered
into the model separately and includes all the variables in Model 1 of Table 2. To
further evaluate the robustness of model speci� cation, we � rst drop state-time trends
in Model 1 and then included the trends in Model 2. With respect to alternative CSE
indices, we experimented with the sensitivity of the preferred index by removing
OCSE or CPS measures or replacing them with other variables. Speci� cally, Alterna-
tive Index A takes OCSE collection measures out of the preferred index. In contrast,
Alternative Index B removes all CPS collection measures out of the index, and Alter-
native Index C only takes CPS measures of welfare mothers out of the index. In
Alternative Index D, we replace per capita child support expenditures with the one
based on total OCSE caseload. Alternative Index E replaces OCSE measures of
current and former welfare mothers with OCSE measures of current welfare mothers.
The last alternative index only includes child support legislation and CPS measures
of never-married mothers. All indexes have high reliability, with Cronbach’s alpha
over 0.87, and are associated with lower welfare caseloads, even the ones that include
individual child support variables that are not signi� cant or in the right direction
(Index D and E). The results indicate that an index that includes multiple dimensions
of CSE is more likely to capture the multiplicative function of CSE and also less
likely to suffer from the measurement errors of individual variables. If a state has
strict child support legislation, spends more money on enforcing child support, and
collects more child support payments according to both OCSE and CPS measures, it
is more likely to have high CSE rigor and more likely to reduce its welfare caseloads.

For individual child support variables, not all of them have a signi� cant effect or
in the expected direction. For example, child support legislation is only signi� cant
in the model without state-time trends, and child support expenditure per single-
mother family and per OCSE total case have the wrong sign. The latter may be
because states with more single mothers or total caseloads are more willing to spend
money on CSE in order to reduce single motherhood or caseloads. Two OCSE mea-
sures of current and former welfare mothers are negative and signi� cantly different
from zero in the state-time trend model. Likewise, three CPS measures for never-
married mothers are signi� cant and in the right direction. The CPS and OCSE mea-
sures of current welfare mothers, by way of contrast, are much weaker. The results
are consistent with the hypothesis that measures from mothers on welfare are more
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Table 5
Simulation of Recent Caseload Changes

Percent Explained by
Independent

Variables
94–96 96–99

Panel 1: Based on Model 2 of Table 3
Preferred CSE index: 1, 4, 6–8, and 12–19. 7.6% 4.4%
Decline in unemployment 38.0% 6.8%
Change in male tenth-percentile wage 24.8% 5.1%
Change in female tenth-percentile wage 3.0% 3.2%
Any major waiver implemented 13.3% —
TANF implemented — 15.7%
Change in AFDC/TANF bene� t level 8.6% 1.8%

Percent Explained by
CSE Index

Panel 2: Based on Model 2 of Table 4
Preferred CSE Index: 1, 4, 6–8 and 12–19. 7.6% 4.4%
Alternative Index A: 1, 4, 12–19. 4.4% 0.8%
Alternative Index B: 1, 4, and 6–8. 8.8% 10.4%
Alternative Index C: 1, 4, 6–8, and 16–19. 14.0% 9.1%
Alternative Index D: 1, 3, 6–8, and 12–19. 5.8% 4.0%
Alternative Index E: 1, 5, 9–19. 8.0% 2.6%
Alternative Index F: 1, and 16–19. 7.4% 1.9%

likely to be corrupted by sampling and reporting errors, particularly after 1996, and
may not be a good indicator of state CSE on its own.

2. Relative Importance of Child Support Enforcement

The results from Tables 3 and 4 are used to calculate the importance of CSE, as
well as other variables, in explaining recent caseload declines between 1994 and
1996 (the waiver period) and 1996–99 (the TANF period). Speci� cally, the change
in each variable is multiplied by its relative coef� cient in Tables 3 and 4 to determine
the changes induced by that factor. The ratio of the share of this change to the total
change in welfare caseloads during this period is reported in Table 5. In results not
shown, we found adding CSE into the model increases the percentage of variance
explained by the independent variables, although it does not substantially change
the estimated proportion explained by other variables.

Two panels are listed in Table 5. The � rst panel is based on Model 2 of Table
3, which includes the CSE index, and alternative indexes from Model 2 of Table 4
are listed in the second panel. For the 1994 to 1996 period, the overall caseloads
are reduced by 12.5 percent. Decline in the unemployment rate is the most important
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factor and explains about 38 percent of the decline. Both male and female tenth-
percentile wage decline in this period and contribute to an increase, rather than de-
crease, in the caseloads. For example, male tenth-percentile wage was reduced from
$6.80 in 1994 to $6.73 in 1996 (both in 1999 dollars) and led to a 0.6 percent increase
in caseloads, which is about a 24.8 percent of the caseload decline in this period
(0.6/212.5). Implementing a major welfare waiver contributes to a 13 percent of
the decline, and the decline in AFDC bene� ts explains 9 percent of the decline. For
CSE, the preferred index on its own explains about 8 percent of the caseload decline.
The estimates from alternative indices range from 4 to 14 percent. The wide range
is largely due to the different improvements of individual child support variables
over time. With respect to the 1996 to 1999 period, the overall caseloads are reduced
by 59 percent. The decline in the unemployment rate and the increase in both male
and female wages explain 15 percent of the decline, while implementation of TANF
explains 16 percent of the decline. The CSE index contributes to 4 percent of the
decline, while the estimates of alternative indexes range from 1 to 10 percent. The
fact that less variance explained is by the independent variables over the 1996 to
1999 period warrants further research on this period.

The estimates of the caseload reduction attributed to welfare waivers and TANF
implementation found here are lower than the ones found in the CEA study (1999).
For example, the CEA study attributed 15 percent of the caseload reduction in the
waiver period to welfare waiver and 36 percent of the reduction in the TANF period
to TANF implementation, while our estimates are 13 and 16 percent respectively.
In contrast, we found a bigger impact of macroeconomic factors than the CEA study.
About 17 percent of the reduction in the waiver period was attributed to macroeco-
nomic factors in the CEA study. The estimate found in this study is 30 percent. As
mentioned earlier, the CEA’s model did not include a rich set of socioeconomic
covariates and tend to overestimate the impacts of welfare waivers and TANF imple-
mentation and underestimate the effects of other variables.

VI. Conclusion

Previous research on the determinants of welfare caseloads has not
incorporated the effects of CSE. This is regrettable because legislators passed laws
to strengthen enforcement with the expectation that stronger CSE would reduce wel-
fare costs and caseloads. Furthermore, their expectations were not unreasonable:
There are good theoretical reasons and relatively strong empirical support for the
belief that strong enforcement reduces welfare caseloads by deterring entrances into
and promoting exits from welfare and by deterring divorce and nonmarital births.
Finally, CSE among current and former welfare families has improved dramatically
in recent years.

This paper employs annual state panel data from 1980 to 1999 to examine the
effects of CSE on welfare caseloads and provides evidence that CSE plays a role
in reducing welfare caseloads. Speci� cally, our estimates imply that the improvement
in CSE between 1980 and 1999 reduced welfare caseloads by about 9 percent in
1999. Without the improvement of CSE over the period, the mean welfare participa-
tion rate in 1999 would be 2.65 percent rather than the actual 2.41 percent. The
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inclusion of CSE improves the ability to explain the changes in welfare caseloads
that would not be explained by welfare and/or economic factors alone. This paper
also provides evidence that individual child support variables may not be good indi-
cators of state CSE vigor and that a CSE index that includes multiple dimensions
of CSE is less likely to suffer from the measurement errors of individual variables
and is more likely to capture the multiplicative functions of CSE.

After the 1996 welfare reform, national caseloads decreased substantially, from
4.1 million in 1996 to 2.6 million in 1999. This dramatic decrease is expected to
bring a new round of caseload studies and studies of the well-being of single mothers
after welfare. This paper provides evidence that, in addition to the strong effects of
the economy and welfare reform, there is also an effect of CSE, which should not
be overlooked in caseload studies. Studying the effects of CSE on welfare caseloads
is also particularly timely in light of recent changes in child support policy at the
national level. For instance, the 1996 welfare reform law gave states the option to
eliminate the $50 pass-through to mothers on welfare for whom child support is
being collected. To date, most of the states have taken up this option and no longer
pass on a share of the payments to the mother. This change may affect mothers’
willingness to cooperate with CSE, which might increase welfare caseloads in the
long run, but it may also decrease their incentive to be on welfare, which should
decrease caseloads in the short run. These, and other effects of the 1996 child support
reforms, will be important to study in the years to come.
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