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Target Recognition in Missile Battle Based on Bayes Inference Theory
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Abstract: In order to decrease the error rate of missile battle target recognition information, applying Bayesian
inference to battle to missile battle target recognition information. Adopt each sensor to carry on observing, classifying and
explain towards striking target, and analyzing based on Bayesian inference to calculate the target fusion probability. The
experimental results show that the method can make use of an information judgment target attribute more availably and
improve the decision ability of system.
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