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Abstract: The differences in internal structure and composition bring wood completely different physical and
chemical properties, and determine their uses and commercial prices. Therefore, the research on wood
identification technology is of important value. As a biomass material, wood has the strong variability in
structure and component characteristics, which imposes challenges to the research on wood identification
technology. Generally, the wood identification technology can be divided into two steps: feature extraction
and feature-based identification. At present, computer vision and spectral analysis are the main technology
used to extract wood features. And the technology of wood identification is based on the digitalization of wood
feature using the computer algorithms, which can improve the accuracy than manual identification. This
paper reviews and analyzes the related literature om the wood feature extraction and identification in the past
20 years, introduces the characteristics and applicable scope of a range of computer based technology for
wood feature extraction and classification, and discusses the development trend of the technology of wood
feature extraction and classification with the development of computer technology, with the expectation to
provide references to build a more accurate wood identification technology.
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