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A NEW METHOD BASED ON CLOUD MODEL FOR DISCRETIZATION
OF CONTINUOUSATTRIBUTESIN ROUGH SETS
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Abstract  Because traditional Rough Sets theory can only deal with discrete attributes,
continuous attributes must be converted into discrete attributes before coping with decision table.
In this paper, a new method of discretization of continuous attributes in decision table based on
cloud modd is introduced, especialy suitable for a large amount of data processing. This method
makes use of cloud transform to partition the domain of every continuous attribute into many
concepts represented by cloud models, and merges neighboring concepts according to feedback
information from decision table uncertainty. It can not only reflect the real distribution of data, but
also efficiently increase the information granularity of information system.
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: CLOUDS(k) = CloudTransform( f (x),e)
(A, B) = SelectMinDis(CLOUDS(k))
C = SoftOr (A, B)
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